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Abstract 

Digital platforms have become an integral part of consumers’ daily lives. However, the 

home and living sector remains largely untapped by platformization, particularly in 

Europe. As consumer needs within this domain are currently addressed in a 

fragmented manner by various providers, it holds potential for digital platforms to 

enhance convenience and streamline service offerings. In Asia, platform firms have 

begun approaching this domain by providing all-in-one solutions that bundle various 

services and facilitate matchmaking. Despite the sector’s potential in regions where 

such platforms are not yet common, research on whether and under which 

circumstances consumers would be willing to adopt remains scarce. 

Thus, drawing on literature on the digital platform economy and technology adoption—

specifically the Unified Theory of Acceptance and Use of Technology 2 (UTAUT2)—

this study explores the factors relevant to consumer adoption of digital platforms in the 

home and living sector. Four qualitative focus group discussions were conducted with 

27 participants varying in age, gender, and consumer innovativeness. The findings 

indicate that while UTAUT2 determinants remain relevant, additional factors appear to 

play a role in adoption decisions regarding the potential platform. Precisely, Trust in 

Platform Provider, Perceived Risk, Value-Related Motivation, and Status Quo Bias 

emerged as influencing factors beyond the scope of UTAUT2. Furthermore, the study 

contributes to a more comprehensive understanding of traditional adoption 

determinants within the digital platform economy. 
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Abstract (German) 

Digitale Plattformen sind zu einem festen Bestandteil des täglichen Lebens geworden. 

Dennoch bleiben gewisse Sektoren, insbesondere in Europa, weitgehend von der 

Plattformisierung unberührt. Im Bereich „Wohnen und Leben“ werden die Bedürfnisse 

der Verbraucher*innen fragmentiert von verschiedenen Anbietern bedient. Die 

Einführung einer digitalen Plattform birgt daher erhebliches Potenzial, den Komfort in 

diesem Sektor zu erhöhen und die Befriedigung des Bedürfnissspektrums effizienter 

zu gestalten. In Asien haben Plattformunternehmen bereits begonnen, diesen Bereich 

durch All-in-One-Lösungenzu erschließen, die verschiedene Dienstleistungen bündeln 

und eine gezielte Vermittlung ermöglichen. 

Trotz des Potenzials dieses Sektors in Regionen, in denen solche Plattformen noch 

nicht etabliert sind, gibt es bislang keine Studien darüber, ob und unter welchen 

Bedingungen Verbraucher*innen bereit wären, solch ein Angebot zu nutzen. 

Ausgehend von der Literatur über digitale Plattformen und Technologieakzeptanz—

insbesondere der Unified Theory of Acceptance and Use of Technology 2 (UTAUT2)—

untersucht diese Studie Faktoren, die für die Verbraucherakzeptanz digitaler 

Plattformen im Bereich Wohnen und Leben relevant sind. Im Rahmen der 

Untersuchung wurden vier qualitative Fokusgruppeninterviews mit insgesamt 27 

Teilnehmer*innen unterschiedlicher Altersgruppen, Geschlechter und 

Innovationsneigungen durchgeführt. 

Die Ergebnisse zeigen, dass die UTAUT2-Einflussfaktoren zwar weiterhin relevant 

sind, jedoch zusätzliche Faktoren eine Rolle bei der Akzeptanz der potenziellen 

Plattform spielen könnten. Insbesondere Vertrauen in den Plattformanbieter, 

Wahrgenommenes Risiko, Werte-basierte Motivation und Status Quo Bias erwiesen 

sich als mögliche Einflussfaktoren, die über den ursprünglichen Rahmen von UTAUT2 

hinausgehen. Überdies trägt die Studie zu einem umfassenderen Verständnis 

traditioneller Akzeptanzfaktoren innerhalb der digitalen Plattformökonomie bei. 
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1. Introduction 

The emergence of platforms has profoundly transformed the global economy (Evans & 

Schmalensee, 2016, p. 3; Liu et al., 2021, p. 12; G. Parker et al., 2016). As of March 

2025, Apple, Microsoft, Alphabet (Google), Amazon and Meta are amongst the seven 

most valuable companies by market capitalization worldwide 

(CompaniesMarketcap.com, 2025), all of which are built on digital platforms 

(Cusumano et al., 2020, p. 27). Over the past two decades, such platform giants have 

not only disrupted, reorganized and transformed various industries, markets and the 

overall public sphere (Cusumano et al., 2020, p. 27; Kenney et al., 2019, p. 871; 

Smyrnaios & Baisnée, 2023, p. 435), but have also restructured the geography of value 

creation and value caption (Kenney & Zysman, 2020, p. 55). Plantin et al. (2018, p. 1) 

recognized a development towards a “platformization of infrastructures” and argue that 

existing as well as new infrastructures are reorganized or built on platform principles. 

Gawer (2022, p. 120) even questions whether contemporary economic theory which 

treats markets as distinct units, is still suitable for studying platforms, as these “online 

platform firms appear to be able to ‘glide’ from market to market, as if the boundaries 

between markets were somehow porous or permeable to them”.  

Consumers encounter this transformation in their day-to-day experiences. Platforms 

have become so profoundly embedded in their lives, that they shape preferences, 

consumption choices, lifestyle expressions and practices (Ottlewski et al., 2024, p. 

124), control the distribution of information (Smyrnaios & Baisnée, 2023, p. 435) and 

act as gatekeepers to digital social traffic (Van Dijck, 2020, p. 2). From shopping online 

to sharing photos and ordering food, digital platforms are widely used across various 

industries and sectors (Qureshi et al., 2024, pp. 10170–10171), with some even 

considered indispensable (Park & Kim, 2024, p. 1). Uber carries out billions of trips 

each year (Uber Technologies, Inc., 2025, p. 1), Amazon ships about 1.6 million 

packages every day (Market.Us, 2024) and if Google cannot find a website, to a great 

extent, it does not exist (Kenney & Zysman, 2020, p. 58).  
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 Research Problem 

While platforms have become ubiquitous in consumers’ daily lives, certain domains 

remain relatively untapped, particularly in Europe. One such sector is home and living, 

in which the consumer experience can be evaluated as quite challenging, considering 

the multitude of demands associated with it, such as financial services, insurance, 

electricity, smart home services among numerous other aspects. In Asia, platform firms 

have begun addressing this complexity by developing all-in-one solutions aimed at 

reducing consumer efforts in managing such demands. For example, the Bangladeshi 

platform “sheba.xyz” functions as an intermediary between suppliers and users for 

home-related services such as appliance repair, babysitting, painting, plumbing and 

many more (sheba.xyz, 2025). In Southeast Asia, the all-in-one platform “Grab” 

aggregates delivery, financial services as well as mobility and enables businesses of 

all scales to cater to the daily needs of millions of users (Grab, 2025). Similarly, the 

Indonesian on-demand platform “Gojek” functions as an intermediary between drivers, 

merchants and users, addressing various needs across sectors including 

entertainment, transportation, logistics, payments, food and shopping (Gojek, 2023). In 

China, “WeChat” enables users to send messages, book rides, transfer money, engage 

with government services, and access numerous mini programs, consolidating various 

aspects of daily life into a platform ecosystem (Plantin & De Seta, 2019, p. 262). By 

facilitating matchmaking between providers and consumers as well as bundling 

services, these platforms aim to simplify everyday life and cover different parts of the 

spectrum of needs within the realm of home and living. The success and ubiquity of 

such platforms in Asia contrast with the largely untapped potential in Europe. This 

suggests that the question is not whether platformization will occur in the European 

home and living sector, but rather which firms will be the first to address it and bundle 

consumer demands into a single digital platform. However, research on platforms in 

the realm of home and living remains scarce. 
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 Research Question 

Over the past three decades, platforms have been studied by scholars across a diverse 

range of disciplines including technology management, strategy, economics, 

operations management, information systems and marketing (Liu et al., 2021, p. 1). A 

bibliometric analysis by Liu et al. (2021, p. 3) examined 3,490 platform-related articles 

published between 1990 and 2019, highlighting the extensive body of literature 

established in this field. Beyond platforms in general, digital platforms as well have 

been the subject of scholarly interest in various contexts. This is exemplified by a range 

of literature reviews, covering various types of digital platforms including digital 

transaction platforms (Hänninen, 2020), digital business-to-business platforms (Shree 

et al., 2021) digital multisided platforms (Qureshi et al., 2024), industrial digital 

platforms (Madanaguli et al., 2023) and overall digital platforms (Chen et al., 2022) 

among many others. At present, platforms remain highly relevant in scholarly literature. 

Recent contributions include, for instance, Jacobides et al. (2024) studying reasons 

and timing of platform and ecosystem emergence and Popiel and Vasudevan (2024) 

discussing platform frictions and power as well as platformization. In the realm of home, 

scholars have examined more conventional platforms that connect sellers or landlords 

with prospective buyers or renters (see for instance Ullah et al. (2021) or Fields and 

Rogers (2021)). However, studies focusing on platforms in the domain of home and 

living from a holistic perspective remain scarce. While some researchers have provided 

first insights into the topic (Ahmed et al., 2023; Israel et al., 2023; Lappalainen & 

Federley, 2021), none have focused on the consumer perspective of such platforms. 

Specifically—to the best of the author’s knowledge—no studies have explored whether 

and under which circumstances consumers would be willing to adopt. Therefore, this 

research seeks to address this gap by investigating the following research question: 

Which factors are relevant for consumer adoption of digital platforms in the 

realm of home and living? 

Understanding consumer adoption determinants is important for assessing the 

feasibility of such platforms in regions where they have yet to be introduced and 

comprehending the conditions under which they may be accepted. This research 
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provides valuable insights into consumer adoption determinants in the digital platform 

economy and offers preliminary implications for platform firms aiming to enter the home 

and living sector in Europe. 

2. Digital Platforms 

For decades, industry has been dominated by traditional “pipeline” companies. These 

firms generate value by managing a sequential process of activities, following the 

conventional value-chain model. Inputs, such as materials, undergo various 

transformative steps, resulting in a final product with greater value. Apple’s smartphone 

production operates as a pipeline business. However, when considering the App Store 

that connects developers with iPhone users, it transforms into a platform (Van Alstyne 

et al., 2016, p. 4). Such digital platforms, matching supply and demand, have become 

ubiquitous in practically every market (Cusumano et al., 2020, p. 27). Uber matches 

drivers with riders (Uber Technologies Inc., 2025), LinkedIn creates economic 

opportunities by facilitating interactions between job seekers and employers (LinkedIn, 

2025), and Etsy, a marketplace for creative goods, connects artists with consumers 

(Etsy, 2025). Digital platforms disrupt and transform industries (De Reuver et al., 2018, 

p. 124), reshaping boundaries of market competition (Bearson et al., 2021, p. 558; 

Kenney et al., 2019, p. 871) and thus pose challenges to incumbent pipeline 

companies.  

Digital platforms have gained significant relevance, not only in practical terms but also 

as a focal point in scholarly literature. This chapter aims to provide an overview of 

platform business by outlining how platforms are defined and describing the 

characteristics and dynamics that shape the digital platform economy. Furthermore, it 

elaborates on the consumers’ perspective as well as the important role they play for 

platform firms. Finally, the chapter reviews the current state of research on platforms in 

the realm of home and living. 
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 Definition of Digital Platforms 

Platforms have been defined in various ways emphasizing different aspects depending 

on the area of research (Bonina et al., 2021, p. 871). Rochet and Tirole (2006) who 

studied two- and multi-sided markets involving platforms as facilitators of interactions, 

laid a foundation for subsequent work in this field, which numerous authors have drawn 

upon since (for instance Eisenmann et al. (2011), Cennamo and Santalo (2013), Lacan 

and Desmet (2017) or Gawer (2021)). In line with this perception, Perren and Kozinets 

(2018, p. 21) describe a platform as an “[…] intermediating technology platform that 

facilitates exchange activities among a network of equivalently positioned economic 

actors”, forming what they refer to as “lateral exchange markets”. Boudreau and Hagiu 

(2008, pp. 186–187) emphasize the governing role of platforms, explaining that 

“platforms serve as rule-making governance mechanisms – apart from any functional 

value of the platform itself. ‘Platform regulation’ involved using a wide range of strategic 

instruments (well beyond price setting) to regulate economic activity of surrounding 

platform participants”. Other authors shed light on the presence of network externalities 

among the actors in their conceptualization of platforms (Kretschmer et al., 2022, p. 

410; Rahman & Thelen, 2019, p. 180; Sriram et al., 2015, p. 142). Sriram et al. (2015, 

p. 142), for instance, outline that “Platforms refer to intermediaries that facilitate 

economic interaction between two sets of agents wherein the decisions of one set of 

agents are likely to have an effect on the other via direct and/or indirect externalities”. 

In the field of information systems, digital platforms are recognized as “a distinct type 

of information technology (IT) artefact”, “a socio-technical phenomenon” (Bonina et al., 

2021, p. 872) and  “a softwarebased platform as the extensible codebase of a 

softwarebased system that provides core functionality” (Tiwana et al., 2010, p. 675) to 

the extent that “platforms that merely mediate between different user groups but offer 

no extensible codebase should not be considered digital platforms in the IS discourse” 

(De Reuver et al., 2018, p. 127). With regard to different types of platforms, Cusumano 

et al. (2020, p. 28) distinguish between innovation, transaction and hybrid platforms 

based on their underlying activity. Innovation platforms, such as Google Android and 

Microsoft Windows, enable third-party actors to create new products and services that 

add functionality (e.g. apps for smartphones). Transaction platforms, on the other hand, 
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facilitate the exchange of information, goods and services, acting primarily as 

intermediaries. Examples of transaction platforms include Airbnb, Uber and Google 

Search. Finally, hybrid platforms blend attributes of both innovation and transaction 

platforms, like Apple with its App Store or Amazon through developing Amazon Web 

Services (Cusumano et al., 2020, p. 28). 

This thesis aligns with Anabelle Gawer, a leading academic pioneer in the field of digital 

platforms (University of Surrey, 2025), who recently characterized platforms as 

facilitators of interactions between users through the application of communication and 

information technologies, benefiting from network effects. They govern the interplay of 

all participants (individual users and businesses) by managing business relationships, 

transactions and exchange of data (Gawer, 2022, pp. 112–113). 

 Characteristics of the Digital Platform Economy 

Although platforms operate across various sectors and facilitate many diverse activities 

(Gawer, 2022, p. 112), the “digital platform economy”, as referred to by numerous 

authors (Acs et al., 2021; Gleiss et al., 2021; Kenney et al., 2021; Lehdonvirta et al., 

2019; Liang et al., 2022), entails certain common dynamics and characteristics. Table 

1 provides an overview of prominent key aspects characterizing the digital platform 

economy, contributing to a clearer distinction from non-platform businesses and non-

digital platforms. 
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Key 
Characteristic Description Based on Examples 

Two- or 
multisided 
markets 

Platforms serve as intermediaries 
between different groups of users in two- 
or multi-sided markets, matching supply 
with demand. They aim to attract 
participants from each side and resolve 
transaction cost issues by enabling 
interactions that would otherwise be 
challenging or impossible. Two- or 
multisided platforms differ from related 
businesses, such as resellers, by 
facilitating “direct interaction” between 
the supply and demand groups. Thus, 
control over key aspects of the 
interaction remains with the distinct 
sides, rather than being managed by the 
intermediary. Furthermore, alongside 
their interaction with one another, all 
sides also affiliate with the platform (e.g. 
video game developers sell products to 
players, contract with platforms to 
publish, and gamers purchase consoles 
from the platform firms). 

(Boudreau & 
Hagiu, 2008, p. 
163; 
Eisenmann et 
al., 2011, p. 
1273; Evans & 
Schmalensee, 
2013, p. 2; 
Rochet & 
Tirole, 2006, p. 
645) 

Uber enables direct 
interactions between 
drivers (supply side) 
and riders (demand 
side) 

YouTube connects 
content creators 
(supply) with viewers 
(demand) 

Network 
effects  

In two-sided markets, network effects 
(also referred to as network externalities) 
occur when the value of a platform for 
users increases as more participants join. 
These effects can be direct (also known 
as “same-side network effects”), wherein 
users benefit from the presence of more 
participants on the same side. Indirect 
network effects (also referred to as 
“cross-side network effects”), on the 
other hand, arise when one side of the 
platform benefits from the growth and 
characteristics of another side. Thus, 
demand on each side is interdependent 
and platform firms with strong network 
effects can increase value for all 
participants. Scholars also refer to 
network effects as positive or reinforcing 
"feedback loops" as growth in one side of 
the network drives growth on the other 
side, which in turn further amplifies the 

(Cusumano et 
al., 2024, p. 2; 
Evans, 2003, p. 
195; McIntyre 
& Srinivasan, 
2016, p. 142; 
Rochet & 
Tirole, 2003, p. 
1017; Rysman, 
2004, p. 483) 

Direct network 
effects: The value of 
a social media 
platform like 
Instagram increases 
as more users join, 
enhancing 
engagement 
opportunities among 
them. 

Indirect network 
effects: App Store 
users benefit from a 
growing number of 
developers creating 
apps, while 
developers benefit 
from an increasing 
number of users 
downloading them. 
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first side, creating a self-reinforcing cycle 
of expansion. 

 

Chicken-and-
egg problem 

To generate such indirect network 
effects, platforms must get both sides on 
board. However, since demand on each 
side depends on having a substantial user 
base on the other side, a “chicken-and-
egg problem” arises. Platforms deploy 
different strategies to address this early-
stage challenge. For instance, scholars 
have observed that, during the entry 
phase, firms often offer services for free, 
pay actors to adopt them, or lower entry 
barriers by providing assistance to make 
joining as easy as possible, in order to 
achieve a critical mass of users on one 
side of the market and thus boost 
network effects. 

(Caillaud & 
Jullien, 2003, 
p. 310; Evans, 
2003, pp. 195–
196; Rochet & 
Tirole, 2003, p. 
990; Schiff, 
2003, p. 426; 
Stummer et 
al., 2018, p. 
168) 

Video game 
platforms often 
charge consumers 
while subsidizing 
developers (Rochet 
& Tirole, 2006, p. 
659) 

The fashion retail 
platform About You 
overcame the 
chicken-and-egg 
problem through 
“guarded inception”, 
which involved 
leveraging close 
relationships with 
partners (such as 
venture capitalists or 
parent companies) 
unaffected by the 
disruption to utilize 
industry knowledge 
and external 
resources like 
funding, business 
model development 
guidance and 
network contacts 
(Schmidt et al., 2021, 
p. 25) 

Data-driven 
approach 

Scholars frequently emphasize the ability 
of digital platforms to collect vast 
amounts of data and leverage algorithms 
to increase value for all participants. 
Billions of users engage daily with these 
platforms, thereby creating a constant 
flow of data, much of it collected without 
their active awareness. Digital platform 
firms then utilize this user-generated 
data to improve their services, create 
new offerings, and expand into additional 
markets. 

(Gawer, 2022, 
p. 113, 2022, 
p. 113; G. 
Parker et al., 
2018, pp. 1–2; 
Trabucchi et 
al., 2022, p. 
897; Van 
Alstyne et al., 
2016, p. 4) 

Airbnb places such 
high value on data 
that it established an 
internal "data 
university" to train 
its employees, 
fostering data-driven 
decisions across the 
entire organization, 
including all roles 
and teams (G. Parker 
et al., 2018, p. 2) 
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Winner-take-
all dynamics 

In many two-sided network industries, a 
single platform often dominates the 
market. Scholars refer to this 
phenomenon as a "winner-take-all" 
dynamic and offer various explanations 
for why it frequently occurs in the digital 
platform economy. One widely accepted 
explanation points to the 
aforementioned positive network effects, 
which can drive rapid growth of platforms 
and thus a high potential to establish a 
monopolistic position. Additionally, 
scholars highlight how digital platforms 
control physical assets without owning 
them (referred to as “asset-light”), which 
not only lowers barriers to scaling but 
also increases profit margins, allowing 
platforms to reduce prices or invest more 
in innovation. Others further emphasize 
digital platforms’ data-centric strategies 
with regards to cheaper and simpler 
scaling. Above all, digital platforms often 
strive to become a sector’s foundational 
infrastructure. 

(Bonardi & 
Durand, 2003, 
p. 43; 
Cennamo, 
2021, p. 267; 
Eisenmann et 
al., 2006, p. 
94; Gawer, 
2021, pp. 4–5, 
2022, p. 113; 
Lee et al., 
2006, p. 1846; 
Rahman & 
Thelen, 2019, 
pp. 179–180; 
Schilling, 2002, 
p. 2; Van 
Alstyne et al., 
2016, p. 4) 

Google dominates 
the search engine 
market (StatCounter, 
2024) 

Amazon is the 
dominating 
electronic commerce 
marketplace (ECDB, 
2024) 

 

Table 1: Key characteristics of the digital platform economy 

Given that this thesis specifically examines consumer adoption of digital platforms, the 

following section sheds light on how platforms benefit consumers as well as the crucial 

role they play for platform firms. 

 The Role of Consumers in the Digital Platform Economy 

Platforms have not only changed the way business is conducted across various 

markets, but their transformative impact is equally noticeable in the daily lives of 

consumers. They have refined how individuals learn, move, socialize (Van Der Aalst et 

al., 2019, p. 645), order food, shop (Qureshi et al., 2024, p. 10170), consume 

information (Smyrnaios & Baisnée, 2023, p. 435), engage in entertainment (Duffy et 

al., 2019, p. 1) among numerous other activities. Scholars refer to this widespread 

transformation affecting both organizations and individuals as “platformization” (Duffy 

et al., 2019, pp. 1–2; Lehdonvirta et al., 2019, p. 571; Ottlewski et al., 2024; Smyrnaios 
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& Baisnée, 2023, p. 123). Against the backdrop of platformization in a consumer 

context, Ottlewski et al. (2024, p. 124) outline that platforms have become so 

profoundly embedded in everyday live, that they shape preferences, consumption 

choices, lifestyle expressions and practices. Digital platforms offer numerous benefits 

for consumers, which contributes to the understanding of their ubiquity in various 

domains of life. 

In a transactional context, platforms facilitate exchange of value more efficiently 

(Evans, 2003, pp. 192–193) and effectively by enabling interactions that might not 

otherwise occur (Cusumano et al., 2020, p. 28; Trabucchi et al., 2022, p. 896) as well 

as by providing access to a wide range of offerings (Cennamo, 2021, p. 272; Kozinets 

et al., 2021, p. 431) within a sector. In contrast to visiting physical stores or browsing 

multiple online shops from different providers, platforms simplify the comparison 

process and make it easier to find what one is looking for (Edelman, 2014, p. 88). They 

often provide relevant consumption-related information and enhance accessibility 

through search and filtering functions, allowing consumers to make more informed 

decisions (Kozinets et al., 2021, p. 431). Transactional platforms further contribute to 

setting pricing standards through fostering transparency, which ultimately yields cost 

advantages for buyers (Edelman, 2014, p. 88; Llanes & Ruiz‐Aliseda, 2021, p. 816). 

Innovation platforms benefit consumers by delivering a comprehensive solution to meet 

their needs through access to a range of complementarities (Cennamo, 2021, p. 272; 

Xu et al., 2010, pp. 34–35). Furthermore, platform firms typically enhance consumer 

empowerment by providing feedback functions that allow users to express their 

opinions and experiences (Kozinets et al., 2021, p. 428), which contributes to reducing 

uncertainty in digital transactions and thereby improves consumer welfare (Zhang et 

al., 2017, p. 69). Lastly, through leveraging the vast amount of data they collect about 

the preferences of their end-users, digital platforms oftentimes utilize machine learning 

algorithms to make personalized suggestions, providing services that are tailored 

specifically to the individual’s needs and thereby offering more personalized 

experiences (Guerrini et al., 2023, p. 171; Trabucchi et al., 2022, p. 897).  
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From a platform firm’s perspective, end-users are just as valuable. Consumers are 

fundamentally vital to any business, yet their connection to today’s leading platforms 

extends beyond traditional concepts of consumer loyalty or choices based on cost 

(Culpepper & Thelen, 2020, p. 295). Digital platforms maintain a close and often 

intimate relationship with their end-users (Culpepper & Thelen, 2020, p. 290), many of 

whom access their services via devices they carry with them every day (Rahman & 

Thelen, 2019, p. 180). Consumers rely on those platforms and the conveniences they 

provide (Culpepper & Thelen, 2020, p. 290) to the extent that they are somewhat 

dependent on them (Culpepper & Thelen, 2020, p. 296; Edelman, 2014, p. 88), partly 

forming the infrastructure of daily life (Culpepper & Thelen, 2020, p. 295; Plantin et al., 

2018, pp. 294–295). In a way, digital platforms offer consumers a sense of freedom 

from traditional market constraints that would hinder them from securing the cheapest 

price for a drive (e.g., Uber) or accessing public information (e.g., Google). Amazon 

frees shoppers from the necessity of visiting physical stores (Culpepper & Thelen, 

2020, p. 296).  

Not every platform achieves the necessary infrastructure or economic scale to foster 

such a strong customer attachment. However, for those that reach this level of impact, 

their direct relationship with end-users provides them with power. The bond between 

dominant platforms and their consumers functions as a strong force against regulations 

that might jeopardize the convenience these intermediaries provide. Google provides 

faster, high-quality search results, and Amazon simplifies shopping while lowering 

prices. The platform power of such firms appears not to be directed against the public, 

on the contrary, it is exercised in a cooperative connection with consumers. Digital 

platforms provide efficiency, choice and innovation, creating the convenience 

consumers look for. Thus, these platform companies get what they want as it aligns 

with what the public wants. This can lead to hostility towards government regulations, 

which could potentially undermine the benefits that consumers derive from their favored 

platforms (Culpepper & Thelen, 2020, pp. 290–295). In line with this, Dudley et al. 

(2017, p. 494), examining the case study of Uber in London, explain that “a consistent 

advantage for Uber is that having achieved a certain critical mass in terms of cars and 

drivers on the streets, restricting their growth becomes politically sensitive as it may be 
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seen to be frustrating public demand”. They argue that Uber has managed to grow 

rapidly by pushing the boundaries of regulatory frameworks, guided by the principle 

that it is easier to ask for forgiveness than for permission (Dudley et al., 2017, p. 498). 

Moreover, through platformization, value creation occurs within a collaborative 

environment with consumers, rather than merely resulting from the exchange of 

finished offerings between a company and its customers (Ramaswamy & Ozcan, 2018, 

p. 19).  Consumers play a crucial role in driving network effects (Rochet & Tirole, 2003, 

p. 990), with value emerging from the interactions among all actors involved 

(Ramaswamy & Ozcan, 2018, pp. 19–20). Trabucchi et al. (2022, p. 897) further 

highlight that digital platform firms derive value from consumer data (e.g., behavioral 

insights) which fuels the creation of additional value for users. The exploitation of this 

data enhances platform experiences for consumers by enabling continuous 

adjustments to value creation. 

The above underscores the extraordinary role consumers play in the digital platform 

economy, emphasizing the necessity for platform firms to foster consumer adoption of 

their offerings. Before delving into technology adoption in the next chapter, this section 

concludes with insights into current research on home and living platforms, as the 

subsequent study of this thesis is situated in this context.  

 State of Research on Digital Platforms in the Realm of Home 

and Living 

While digital platforms have become an integral part in many domains of consumers’ 

lives, one sector remains largely untapped in Europe: home and living. However, the 

holistic home and living experience can be evaluated as quite challenging as it requires 

consumers to separately manage various fragmented demands such as, for instance, 

electricity, financial services, insurance and smart home services. In Asia, digital 

platform companies such as sheba.xyz, WeChat, Gojek, and Grab, have begun 

addressing this complexity by creating all-in-one solutions that facilitate matchmaking 

and bundle various services within this domain. This chapter aims to describe the 



 

13 

current state of research on digital platforms that, to some extent, share similarities with 

the context of this study. 

A contribution in this field is the research by Lappalainen and Federley (2021) who 

studied four cases of holistic resident-centric housing approaches aimed at blending 

residents’ physical environments with digital platforms from a management point of 

view. The authors recognize that in these concepts, digital platforms facilitate numerous 

possibilities for value creation, which are largely untapped and unexplored 

(Lappalainen & Federley, 2021, p. 45). Ahmed et al. (2023, p. 1) examine the case of 

sheba.xyz, a digital platform connecting local household service providers with 

consumers in Bangladesh, and outline the challenges it faces as well as potential future 

opportunities. They identify ensuring service quality and client security, building a user-

friendly interface, maintaining punctual and prompt service providers, and recruiting 

skilled technicians as the main challenges for digital household platforms in 

Bangladesh (Ahmed et al., 2023, p. 7). Israel et al. (2023) investigated the matching 

process between household service providers and seekers in the Philippines. They 

observed that traditional methods, such as social media, word of mouth, and telephone 

directories, present several challenges. Service seekers struggle with the inefficiency 

and unreliability of these traditional methods for finding providers, along with 

inconsistent quality and transparency in reviews on existing apps. Service providers 

face issues with customer reach and a technology gap, compounded by high costs for 

advertising and training to meet formal market standards. Both seekers and providers 

experience concerns over cost and security, with no guarantee of safety or quality in 

current practices. Against this backdrop, the authors developed a mobile application to 

match household service providers and seekers and overcome these problems (Israel 

et al., 2023, pp. 1–3, 9–10). Surya et al. (2021, p. 1363) investigate consumers’ 

intention to use Grab and Gojek, however, their focus is limited to the food order-

delivery function. The authors find positive influences of performance expectancy, 

facilitating conditions, and social influence on behavioral intention. 

While there are few studies on the above-mentioned platforms, scholars have 

extensively examined the Chinese platform WeChat. Originally launched as a 
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messaging app, WeChat has gradually expanded its services within the domain of 

everyday life, allowing users to book rides, transfer money, interact with government 

services, and access a wide range of mini-programs (Plantin & De Seta, 2019, p. 262). 

While research on consumer adoption of WeChat does exist, many studies focus solely 

on specific aspects, such as the adoption of WeChat mobile payment services 

(Mensah, 2019), government WeChat mini-programs (Tang et al., 2022), or health 

information dissemination (Tang & Sun, 2024). One study that examines WeChat more 

comprehensively is that of Lu et al. (2024), who investigated its adoption among older 

adults in China, with a particular focus on urban-rural differences. Their findings 

suggest that WeChat adoption among elderly is driven by autonomous motivations 

(perceived usefulness, ease of use, and enjoyment), controlled motivations (pressure 

through external influences such as the digitalization of infrastructure) and digital 

feedback (guidance and assistance from younger generations). Their study further 

reveals urban-rural differences, with urban older adults relying more on autonomous 

motivations, while rural older adults depend more on external support and digital 

guidance from family members (Lu et al., 2024, pp. 11–12).  

These articles provide first insights into the topic, however, the focus of many lies on 

managerial aspects or the platform itself, rather than the consumer perspective. 

Consumer adoption studies of WeChat tend to concentrate on specific aspects of the 

platform or narrow demographic groups. Furthermore, platforms similar to the context 

of this study are widespread in Asia but do not exist in Europe, making them a 

completely new concept for participants. It follows that, while the outlined studies offer 

preliminary insights, they are insufficient for understanding the factors relevant to 

consumer adoption of platforms in the home and living sector, particularly in regions 

where such platforms are not yet common. 

3. Technology Adoption 

Against the backdrop of studying consumer adoption of digital platforms, an established 

research stream investigating the determinants of (technology) adoption intention can 

be drawn upon. This chapter aims to provide an overview of technology adoption 
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research, outlining prominent theories in the field. It further details the chosen model 

that serves as the foundation for the study, investigating its components within the 

context of the digital platform economy. The chapter concludes with a review of the 

current state of adoption research on the related topic of smart home technology. 

 State of Technology Adoption Research 

Over the past three decades, several theoretical models have been developed to 

explain the factors influencing an individual’s technology adoption behavior (Xie et al., 

2021, p. 1895).  

As one of the earliest theories to address adoption behavior, Fishbein and Ajzen (1975) 

introduced the Theory of Reasoned Action. They suggest that an individual’s beliefs 

about an object are formed through personal observation, information from external 

sources, or inferential processes. These beliefs collectively shape the person’s attitude 

toward the object. If the beliefs predominantly link the object to positive attributes, the 

individual’s attitude is likely to be favorable. This attitude then translates into a set of 

intentions, reflecting the individual’s emotional response to the object. Each intention is 

linked to a specific behavior concerning the object (Fishbein & Ajzen, 1975, pp. 14–

15).  

Ajzen (1985) later expanded the Theory of Reasoned Action into the Theory of Planned 

Behavior, taking into account perceived as well as actual control over a behavior. He 

explains that while actions are generally controlled by intentions, not all intentions are 

realized. Some may be abandoned or adjusted in response to changing circumstances 

(Ajzen, 1985, pp. 11–12). The successful execution of an intended behavior depends 

on the individual’s control over numerous factors that could prevent it. Factors beyond 

the person’s control, can hinder the successful performance of the behavior (e.g. a 

person intending to donate blood may be turned down due to overcrowding or medical 

reasons) (Ajzen, 1985, pp. 29–30). Additionally, subjective norms (perceived social 

pressure to execute or not execute a behavior), along with perceived behavioral control 

(an individual’s perception of the level of difficulty to perform the behavior in question), 

play crucial roles in determining intention (Ajzen, 1991, p. 188). 
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Based on the work of Ajzen and Fishbein, Davis (1986, pp. 7, 13) proposed the 

Technology Acceptance Model with the goal of enhancing the understanding of user 

acceptance processes of computer-based information systems in organizational 

settings. In broad terms, the authors suggest that a potential user’s general attitude 

toward using a particular system significantly influences whether they will actually use 

it. This attitude is shaped by two key beliefs: perceived usefulness, referring to the 

extent to which a person believes that using the system will improve their job 

performance, and perceived ease of use, which relates to the extent to which a person 

believes that using the system will be effortless (Davis, 1986, pp. 24–26). Venkatesh 

and Davis (2000, pp. 186–187) extended the original Technology Acceptance Model, 

providing a deeper understanding of perceived usefulness and usage intentions by 

incorporating factors related to social influence (voluntariness, subjective norm, and 

image) and cognitive processes (output quality, perceived ease of use, result 

demonstrability, and job relevance). Over the years, the Technology Acceptance Model 

has been applied in research across various fields. In 2008, Venkatesh and Bala (2008, 

p. 275) synthesized previous studies employing their original or extended Technology 

Acceptance Model and created a theoretical framework that summarizes the 

knowledge gained over time. They addressed common critiques about the model (for 

example, in Lee et al.’s (2003) interviews about the model, many researchers noted the 

limitation of Technology Acceptance Model in failing to provide practitioners with 

actionable guidance) to add richness and provide a comprehensive view of information 

technology adoption and use determinants (Venkatesh & Bala, 2008, pp. 273–274). 

The third version of Technology Acceptance Model highlights the distinct roles and 

processes associated with perceived usefulness and perceived ease of use, proposing 

that the factors influencing perceived usefulness do not influence perceived ease of 

use, and vice versa. Additionally, the authors introduced new theoretical relationships, 

such as how experience moderates key relationships. Venkatesh and Balas’ (2008, pp. 

302–303) most significant theoretical contribution lies in their expansion of the list of 

organizational interventions to improve technology adoption and use among 

employees. They further propose possible connections between these interventions 

and the determinants of perceived usefulness and perceived ease of use. 
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In 2003, Venkatesh and colleagues proposed an alternative adoption model by 

reviewing user acceptance literature and developing a unified model. This model 

integrates key elements from eight prominent theories, among them the Technology 

Acceptance Model, Theory of Reasoned Action and Theory of Planned Behavior. Their 

Unified Theory of Acceptance and Use of Technology (UTAUT) identifies four primary 

factors influencing intention and usage of technology in organizational settings, along 

with four moderators (Venkatesh et al., 2003, p. 425). The model posits that the 

intention to use is determined by effort expectancy, performance expectancy, and 

social influence, while usage behavior is influenced by the intention to use as well as 

the presence of facilitating conditions. Additionally, they confirmed that gender, 

experience, age, and voluntariness play significant moderating roles in UTAUT 

(Venkatesh et al., 2003, p. 467). Since UTAUT and aforementioned models were 

originally developed to predict behavioral intentions toward technologies within 

organizational settings, Venkatesh et al. (2012) recognized the need to extend this 

stream of work to the consumer technology use context. To address this, they 

introduced an extended model, UTAUT2, which incorporates three additional 

determinants of intention: hedonic motivation, price value, and habit, tailoring the model 

specifically to consumer use settings (Venkatesh et al., 2012, pp. 1–3). 

With Theory of Reasoned Action and Theory of Planned Behavior, as one of the earliest 

theories of human adoption behavior and a strong foundation for many subsequent 

models, the versions of technology adoption model and UTAUT are among the most 

commonly applied technology adoption theories with successful replication in many 

studies and broad use across different technologies in both non-organizational as well 

as organizational contexts (Kulshrestha et al., 2023, p. 365; Rahman et al., 2017, p. 

362; Sohn & Kwon, 2019, p. 1; Venkatesh et al., 2012, p. 2; Venkatesh, 2021, p. 642; 

Venkatesh & Bala, 2008, p. 276). Technology adoption model one to three, and UTAUT 

were developed at a time when technology was predominantly used in organizational 

settings. As a result, these models focused on employees’ technology adoption and 

usage behaviors overlooking crucial factors relevant to consumer technology adoption 

(for instance hedonic motivation). It was not until devices and their digital services 

became widely available to the mass consumer market that the need for a model 
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specifically tailored to consumer technology adoption emerged (Tamilmani et al., 2019, 

p. 1). Recognizing this shift, Venkatesh et al. (2012) extended the original UTAUT 

model to create UTAUT2, designed to address the specific needs of studying 

technology adoption in consumer markets. Given that the subsequent study within this 

thesis explores a potential platform within the realm of home and living and analyzes 

the factors relevant for adoption intention from a consumer perspective, UTAUT2 

serves as an ideal framework for this research.  

UTAUT2 has been employed, integrated and extended in a multitude of settings 

(Tamilmani et al., 2021, p. 3). In their systematic review of UTAUT2 literature, 

Tamilmani et al. (2021, p. 3) identify six research categories of the model which 

encompass different users, organizations, technologies, tasks, times and locations. In 

the realm of digital platforms García de Blanes Sebastián et al. (2024), for instance, 

identify factors influencing adoption behavior towards digital travel and restaurant 

platforms, extending UTAUT2. Zacharis and Nikolopoulou (2022) examine university 

students’ behavioral intention to use eLearning platforms through UTAUT2, while 

Frishammar et al. (2023) use the model as a basis for their study on adoption of digital 

health platforms for the elderly. The extensive body of studies, including many recent 

ones, based on UTAUT2—some specifically in various contexts of digital platform 

adoption—demonstrates the model’s ongoing relevance in scholarly research. 

Moreover, some authors have noted that the majority of scholars predominantly employ 

the UTAUT2 model in quantitative studies and have called for its application in 

qualitative research designs (Apfel & Herbes, 2021, p. 2; Taneja & Bharti, 2022, p. 

235). 

 Unified Theory of Acceptance and Use of Technology 2  

As previously stated, UTAUT2 serves as an optimal foundation for the subsequent 

empirical study. It is a well-established and comprehensive framework in technology 

adoption research, tailored to the consumer context. This chapter aims to provide a 

thorough understanding of the model. In doing so, the individual factors will not only be 

explained in general terms but also discussed in the context of the digital platform 

economy. Furthermore, connections will be drawn to the specific context of the 
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empirical study, which explores a potential platform within the domain of home and 

living. 

In response to the rapid growth of the consumer technology sector, Venkatesh et al. 

(2012, p. 3) expanded their original UTAUT model beyond organizational settings to 

address consumer acceptance and use of technologies. UTAUT emerged from a 

literature review of existing technology adoption research. After identifying and 

empirically comparing eight prominent competing models in the field, Venkatesh et al. 

(2003, pp. 426–427) synthesized their findings into a unified framework, which they 

validated through empirical testing. The authors found Performance Expectancy, Effort 

Expectancy and Social Influence as key factors influencing employees’ intention to use 

a certain technology, referred to as Behavioral Intention. This intention, along with 

Facilitating Conditions, subsequently determines the actual use of the technology 

(Venkatesh et al., 2003, p. 467). In their extended model UTAUT2 (see figure 1), 

Venkatesh et al. (2012) introduce Hedonic Motivation and Price Value as two additional 

determinants of Behavioral Intention as well as Habit directly influencing both 

Behavioral Intention and Use Behavior. Moreover, in a consumer context, Facilitating 

Conditions from the original model was found to impact not only actual usage of a 

technology but also the intention to use it (Venkatesh et al., 2012, pp. 10–11).  

The authors further demonstrate that the relationships between the determinants and 

Behavioral Intention, Use Behavior or both are moderated by age, gender, experience 

or a combination of these variables (Venkatesh et al., 2012, p. 6). However, in the 

subsequent study a qualitative approach was employed, aiming to gain a 

comprehensive understanding of the UTAUT2 factors relevant to consumer adoption 

of a potential digital platform as opposed to quantifying the strength of these influences. 

The objective was to identify potential determinants outside the scope of UTAUT2 and 

understand the reasoning behind possible influences, rather than proving the existence 

of relationships or analyzing how their strength varied with different moderating 

variables. Consequently, the moderators were not considered further in the conducted 

study. 
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Source: Adapted from Venkatesh et al. (2012, p. 11) with modifications by the author  

 Performance Expectancy 

Building on their previous, organization-focused definition of Performance Expectancy, 

Venkatesh et al. (2012, p. 6) adapted it to the consumer context and define it as “[…] 

the degree to which using a technology will provide benefits to consumers in performing 

certain activities […]”. In the setting of this research, Performance Expectancy can be 

described as consumers’ belief that the digital platform benefits them in managing 

certain tasks related to home and living. Drawing on the items of UTAUT2, this means, 

for example, that the platform is useful in consumers’ everyday life, allows for faster 

accomplishment of tasks and boosts their overall productivity (Venkatesh et al., 2012, 

p. 43). In their meta-analysis of empirical studies based on UTAUT2, Tamilmani et al. 

Figure 1: UTAUT2 Model excluding moderators 
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(2021, p. 987) found that the relationship between Performance Expectancy and 

Behavioral Intention was the most frequently used pathway with most significant 

effects, highlighting the strong emphasis consumers place on utilitarian benefits. Within 

the context of digital platform economy, this adoption determinant also appears to play 

an important role. Studies have shown that Performance Expectancy or related 

concepts influence the adoption of on-demand digital platforms (Lim et al., 2023, p. 75), 

over-the-top video streaming platforms (Tsai et al., 2024, p. 1) and metaverse learning 

platforms (Al-Adwan et al., 2023, p. 15381) among many others. 

 Effort Expectancy 

The UATUT2 adoption determinant Effort Expectancy refers to “[…] the degree of ease 

associated with consumers’ use of technology […]” (Venkatesh et al., 2012, p. 6). In 

the context of this study Effort Expectancy reflects consumers’ expectation on how easy 

it will be to use the digital platform. This implies, for instance, that it would be free of 

effort for users to learn how to operate the platform and develop skills in using it. 

Moreover, their interactions with the platform would be understandable, clear and user-

friendly (Venkatesh et al., 2012, p. 43). Effort Expectancy and related constructs, such 

as perceived ease of use (Davis, 1986) have yielded inconsistent results in prior 

research. However, their inclusion is recommended in studies examining the adoption 

of new technologies (Tamilmani et al., 2021, p. 1001), which applies to the potential 

platform in the home and living sector. Moreover, a fundamental value proposition of 

platforms is to simplify consumers’ lives (see chapter 2.3), making Effort Expectancy a 

relevant adoption determinant to explore in this study. 

 Social Influence 

Venkatesh et al. (2012, p. 6) explain that “[…] social influence is the extent to which 

consumers perceive that important others (e.g., family and friends) believe they should 

use a particular technology […]”. More specifically, Social Influence represents a form 

of normative pressure. Venkatesh et al. (2003, p. 451) conceptualized this adoption 

determinant based on root constructs suggesting that an individual’s technology 

adoption behavior is shaped by their perception of how important others view them 
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based on their technology use. In this study’s context this means consumers’ adoption 

decision is influenced by their belief that important individuals in their life, people who 

influence their behavior and in general those whose opinions they value believe that 

they should use the platform (Venkatesh et al., 2012, p. 43). Tamilmani et al. (2021, p. 

1000) highlight that the relationship between Social Influence and Use Behavior was 

frequently investigated in studies employing UTAUT2 to examine technology adoption, 

with 45 studies including this pathway. While the majority found this relationship to be 

significant, the effect size was generally weak. Notably, studies focusing on utilitarian 

technologies (e.g., such as mobile banking) often reported non-significant path values. 

 Facilitating Conditions 

In UTAUT2, Facilitating Conditions are described as “[…] consumers’ perceptions of 

the resources and support available to perform a behavior […]” (Venkatesh et al., 2012, 

p. 6). Contrary to their previous model, Venkatesh et al. (2012, p. 11) added a direct 

link from Facilitating Conditions to Behavioral Intention alongside the established 

relationship from Facilitation Conditions to Use Behavior. In organizational settings, 

various elements of Facilitating Conditions such as general support and training are 

often formally provided and tend to be consistent for all users. Thus, in the original 

UTAUT model, the authors conceptualized Facilitating Conditions as a representation 

of “actual behavioral control” from Ajzen’s (1991) Theory of Planned Behavior, arguing 

that the organizational environment directly influences behavior. In contrast, the level 

of facilitation available within consumer environments can differ greatly. For example, 

potential users of a technology have varying access to supporting resources and 

information, such as online tutorials, that ease its use. Consumers with unfavorable 

facilitating conditions are less likely to have a strong intention to use the technology 

(Venkatesh et al., 2012, pp. 11–12). Therefore, Venkatesh et al. (2012) base 

Facilitating Conditions in the consumer context of UTAUT2 on Ajzen’s (1991, p. 12) 

concept of “perceived behavioral control” from the Theory of Planned Behavior.  

With regard to this study, favorable Facilitating Conditions exist when, for instance, the 

consumer has access to the necessary resources (e.g., a smartphone) and knowledge 

to use the digital platform, when compatibility with other technologies they use is 
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provided or when they can obtain help from others if they experience difficulties using 

it (Venkatesh et al., 2012, p. 43). 

 Hedonic Motivation 

The results of Venkatesh et al.s’ (2012, p. 30) study suggest that, in a consumer 

context, not only are utilitarian benefits important drivers of technology adoption, but 

hedonic benefits play a crucial role as well. In fact, Hedonic Motivation was found to 

influence behavioral intention more significantly than Performance Expectancy, which 

was previously identified as the strongest determinant of Behavioral Intention in 

UTAUT2 (Venkatesh et al., 2012, p. 30, 2003, p. 467). The authors define Hedonic 

Motivation as “[…] fun or pleasure derived from using a technology […]” (Venkatesh et 

al., 2012, p. 8). Thus, Hedonic Motivation would play a role in this research if consumers 

would find the usage of the digital platform in the realm of home and living fun, 

enjoyable or entertaining (Venkatesh et al., 2012, p. 43). Utilitarian value, in contrast, 

refers to the enhancement of efficiency or effectiveness of a user’s task by using the 

technology (Tamilmani et al., 2019, p. 230). Hence, utilitarianism aligns more closely 

with Performance Expectancy within the framework of UTAUT2. 

Tamilmani et al. (2019, p. 230) analyzed the usage of Hedonic Motivation as a 

determinant in UTAUT2 studies and shed light on the motivation dichotomy (utilitarian 

and hedonic motivation) in consumer technology adoption research. Their findings 

revealed that tasks performed by individuals in studies excluding Hedonic Motivation 

as an adoption determinant were predominantly related to utilitarian value (for instance 

reading e-books, executing financial transactions or reviewing digital governmental 

services). Among studies including Hedonic Motivation, 43 out of 53 demonstrated a 

significant relationship between this adoption determinant and Behavioral Intention. 

The remaining ten studies, in which this relationship path was found to be non-

significant, focused on technologies used for utilitarian purposes (e.g., mobile payment 

and e-learning) (Tamilmani et al., 2019, pp. 228–229). Tamilmani et al. (2019, p. 230) 

concluded that Hedonic Motivation may not be a suitable construct for analyzing 

technologies that consumers use primarily for utilitarian benefits. Moreover, Gao et al. 

(2015, p. 1704) examined consumers’ adoption intention towards wearable technology 



 

24 

in healthcare and discovered that users of fitness devices place greater importance on 

Hedonic Motivation than those who use medical wearable devices.  

The findings from both Tamilmani et al. (2019) and Gao et al. (2015) suggest that the 

importance of Hedonic Motivation for consumers in their adoption intention varies 

across different contexts and technologies. Within the realm of digital platforms and the 

diverse needs they serve, this emphasizes the importance of examining consumer 

adoption behavior toward digital platforms within specific contexts rather than 

generalizing across all platforms. 

 Price Value 

In contrast to organizational users, consumers are responsible for the necessary 

expenses when purchasing digital services or devices (Venkatesh et al., 2012, p. 8). 

Venkatesh et al. (2012, pp. 8–9) note that in marketing research price is often evaluated 

in conjunction with quality to assess the perceived value of a product or service. Thus, 

they include Price Value as an additional determinant of Behavioral Intention and define 

it as “[…] consumers’ cognitive tradeoff between the perceived benefits of the 

applications and the monetary cost for using them […]” (Venkatesh et al., 2012, p. 9). 

When consumers perceive the advantages of using a technology to outweigh the 

financial cost they must bear, the Price Value is considered positive (Venkatesh et al., 

2012, p. 9).  

Pricing structures in two-sided markets are a topic of high interest in scholarly literature 

(see for instance Rochet and Tirole (2003, 2006), Parker and Alstyne (2005), 

Eisenmann et al. (2006), Dou and Wu (2021) and Zhao et al. (2022)). Decision makers 

and economists have recognized that the allocation of prices between the market’s two 

sides plays a critical role for economic outcomes (Rochet & Tirole, 2006, p. 648). As 

noted in chapter 2.2, a fundamental characteristic of platform economy is the 

interdependence between user groups, where the participation of one side is 

dependent on the presence of the other. For practitioners to foster platform growth 

through network effects they need to get both sides on board. Platform providers must 

set a price for each side, taking into account the extent to which they can bear charges 
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and how it influences the other side’s growth (Eisenmann et al., 2006, p. 96; Rochet & 

Tirole, 2006, p. 658). A common strategy among platforms is to subsidize one side to 

kick start the platform’s adoption. However, the challenge lies in determining which user 

group should receive the discount. Typically, the side whose demand is more 

influenced by the growth of the other side is charged, while the side that is price-

sensitive is offered a more attractive rate (Eisenmann et al., 2006, p. 95; Parker & Van 

Alstyne, 2005, p. 1496). For instance, media platforms typically subsidize viewers and 

generate revenue from advertisers while operating system and video game platforms 

charge consumers and subsidize developers (Rochet & Tirole, 2006, p. 659). 

Price Value, as a determinant for consumer technology adoption, is thus an important 

factor to consider when exploring specific contexts of digital platforms (such as home 

and living), as the results may provide a basis for initial assumptions regarding the 

optimization of a pricing strategy. 

 Habit 

Venkatesh et al. (2012, p. 10) adopt the perceptions of Limayem et al. (2007) and Kim 

et al. (2005) to explain their understanding of habit. Limayem et al. (2007, p. 705) define 

Habit as “[…] the extent to which people tend to perform behaviors […] automatically 

because of learning”, while Kim et al. (2005, p. 418) use it synonymous with 

automaticity. Venkatesh et al. (2012, p. 9) further explain that Habit is different yet 

related to the concept of experience. While experience is necessary for habit formation, 

it is not a sufficient factor. Additionally, the progression of time, which researchers have 

used to operationalize experience, leads to varying degrees of Habit depending on the 

level of engagement and familiarity established with a certain technology. Following 

Limayem et al. (2007), the authors operationalize Habit as a self-reported perception 

and conclude that “habit is a perceptual construct that reflects the results of prior 

experiences” (Venkatesh et al., 2012, p. 10). Within their study, Venkatesh et al. (2012, 

p. 43) inquired consumers’ perception of whether the technology has become a habit 

for them, whether they must use it and whether they have become addicted to using 

the technology.  
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Venkatesh et al. (2012, p. 15) further note that prior research provides divergent views 

on whether Habit influences Use Behavior directly or indirectly through Behavioral 

Intention. There is consensus that consumers must first recognize and process 

contextual cues in their surroundings. After repeated exposure, these cues become 

familiar triggers that create an automatic connection to a specific response (which can 

result in immediate action or a stored intention). For example, regular mobile email 

checking during taxi rides can develop into a habitual pattern where environmental cues 

(entering a taxi) lead to an automatic response (pulling out a smartphone and checking 

emails). The cues either trigger behavioral intention (the consumer developed a 

positive attitude towards checking emails in taxis and stores this action as an intention 

in their conscious mind) which leads to action, or result in direct reaction without active 

cognitive processing (Venkatesh et al., 2012, pp. 15–16). 

Hence, for consumers to elaborate on Habit, prior usage experience with a technology 

is required. In this study, the research object (namely a fictitious digital platform aimed 

at easing the management of tasks within the context of home and living) does not exist 

in the area where the study is conducted. Consequently, participants will not have prior 

experience with it and will not be able to elaborate on habits related to its use. 

Therefore, Habit was not specifically explored in this study. Apfel and Herbes (2021, p. 

13) who studied a technology with little familiarity among participants noted that the 

limited experience reflected in the associated results, preventing them from making 

assumptions about Habit, which further emphasizes the exclusion of this determinant. 

 State of Smart Home Adoption Research 

To the best of the author’s knowledge, no study has yet been conducted on consumer 

adoption of digital platforms within the realm of home and living. However, an extensive 

body of research has explored consumer adoption intentions and behavior towards 

smart home technologies and services, which can be considered a closely related topic 

as it involves the integration of technology aiming to make users’ life easier within the 

context of home and living (Kim et al., 2017, p. 1162). A smart home is a living space 

equipped with advanced technologies, such as ambient intelligence and automated 

systems, that adapt to the habits and preferences of its occupants. This setup enables 
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the home to offer a range of convenient services and functions tailored to its residents’ 

needs (Balta-Ozkan et al., 2013, p. 364; De Silva et al., 2012, p. 1313). 

Gøthesen et al. (2023, p. 18) explored the adoption intention of smart home technology 

among Norwegian consumers using an extended UTAUT2 model as their theoretical 

framework. The researchers’ findings support the critical role of hedonic motivation, 

price value, and social influence in significantly influencing user adoption. The authors 

further explain that usefulness and ease of use alone may not be sufficient drivers for 

adoption, particularly for consumers with higher purchasing power (Gøthesen et al., 

2023, p. 18). In contrast, Basarir-Ozel et al.s’ (2023, p. 10) study on smart home 

adoption found that enjoyment (conceptually related to hedonic motivation) was not a 

significant factor influencing adoption intentions. Instead, the most influential 

determinant across their sample was value superiority (i.e. perceived benefits such as 

increased efficiency, comfort, and social gain). Additionally, the authors identified 

consumer protection (encompassing privacy, security, and price value) as a key 

motivator for adoption and complexity (i.e. lack of user-friendliness, customizable 

interfaces, and remote accessibility) as a significant barrier to adoption (Basarir-Ozel 

et al., 2023, pp. 10–11). Other scholars have also shed light on perceived risk (including 

privacy risk) as a potential barrier to adopting smart home technologies (Hong et al., 

2020, p. 1; Hubert et al., 2019, p. 1090; Kim et al., 2017, p. 1161). Kim et al. (2017, pp. 

1161–1162) explain that the perceived value of a smart home service, which directly 

influences the usage intention, is determined by perceived sacrifice and perceived 

benefit. Perceived sacrifice was primarily influenced by privacy risks while facilitating 

conditions emerged among the most significant factors influencing perceived benefit, 

emphasizing the importance of organizational and technical support for integrating 

smart home services. Similar to Basarir-Ozel et al. (2023), Nikou et al. (2019, p. 9) and 

Hubert et al. (2019, p. 1090) found that perceived usefulness and perceived ease of 

use significantly influence consumers’ intention to use smart home applications. In both 

studies, compatibility emerged as another determinant, directly impacting users’ 

intention to adopt these technologies. In Hubert et al.s’ (2019, p. 1090) research, 

compatibility was further shown to influence perceived usefulness and perceived ease 

of use. An insightful perspective on smart home technology and platformization can be 
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drawn from Park et al. (2018, p. 2118), who examined the adoption of smart speakers 

(e.g., Amazon Echo). Specifically, the authors investigated the influence of platform 

characteristics (e.g., perceived network size and perceived complementarity) and 

product characteristics (e.g., price, brand, and design) on perceived value and 

subsequently adoption intention. Their findings indicate that platform characteristics 

have a stronger impact on consumer adoption than product-related factors. 

Additionally, Kim et al. (2017, p. 1162) observed that major companies like NTT and 

Comcast realize the complexity in the vast amount of services related to home and 

living as they approach smart homes not as isolated systems, but move towards 

comprehensive platforms managing all home-related activities. The authors 

additionally emphasize that businesses in this domain must prioritize understanding 

what consumers truly need, rather than simply focusing on advanced technology (Kim 

et al., 2017, p. 1162). This underscores the importance of bundling the fulfillment of 

various consumer needs within the context of home and living and the necessity of a 

user-centric approach in doing so. Thus, focusing on first understanding the adoption 

determinants of such a potential digital platform before developing and launching it to 

the market is crucial. 

4. Conceptual Basis for the Empirical Study 

The review of existing literature highlights key insights that form the foundation of the 

subsequent research. 

First, the rise of digital platforms has profoundly transformed various sectors of the 

global economy, reshaping how goods and services are accessed, delivered, and 

consumed (Evans & Schmalensee, 2016, p. 3; Liu et al., 2021, p. 12; Parker et al., 

2016). These platforms have become an integral part of daily life for consumers 

(Ottlewski et al., 2024, p. 124; Qureshi et al., 2024, pp. 10170–10171), offering 

efficiency, choice and innovation (Cennamo, 2021, p. 272; Cusumano et al., 2020, p. 

28; Kozinets et al., 2021, p. 431), thereby delivering the convenience they seek. 

Considering the multitude of needs associated with the holistic home and living 

experience (e.g., electricity, insurance, internet services, smart home services), digital 
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platforms hold considerable potential to simplify the management of these demands. 

In some regions, such as Asia, platform firms have begun addressing this complexity 

within the home and living sector by bundling services for multiple needs into single 

digital platforms. However, other regions have yet to establish similar offerings. 

Second, consumers play a pivotal role in the digital platform economy. In contrast to 

traditional pipeline firms, consumers actively contribute to value creation within digital 

platforms. They are essential for the establishment of network effects (Rochet & Tirole, 

2003, p. 990), and the ongoing generation of value is fueled by the exploitation of data 

generated by end-users (Trabucchi et al., 2022, p. 897). Moreover, consumers can 

facilitate overcoming regulatory barriers as loyal allies in the digital platform economy 

(Culpepper & Thelen, 2020, pp. 290–295; Dudley et al., 2017, pp. 494, 498). 

Recognizing that a substantial user base is vital for success, platform firms must take 

on a user-centered approach, creating platforms that genuinely cater to consumer 

needs and preferences. 

Therefore, to establish a platform addressing the sector of home and living in regions 

where they are not yet common, understanding determinants of consumer adoption is 

crucial. By proactively identifying the factors that influence consumer adoption and 

addressing them during development and market entry, platform firms can enhance 

their chances of achieving a critical mass of consumers needed to foster network 

effects. Against this backdrop, the following research question arises: Which factors 

are relevant for consumer adoption of digital platforms in the realm of home and living? 

The limited literature regarding digital platforms in the home and living sector illustrates 

the nascent nature of this research field. However, technology adoption in general has 

been extensively studied, with several models established over the past three decades. 

Among these, the UTAUT2 model by Venkatesh et al. (2012) stands out as a 

particularly relevant theoretical framework for the subsequent study, as it synthesizes 

previous adoption models and is specifically tailored to the consumer context. UTAUT2 

posits seven factors—Performance Expectancy, Effort Expectancy, Social Influence, 

Facilitating Conditions, Hedonic Motivation, Price Value, and Habit—that influence 

consumer adoption of technology (Venkatesh et al., 2012, p. 11).  
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The determinants within the UTAUT2 model have been shown to significantly influence 

adoption intentions and behaviors across various technologies, thus forming a valuable 

foundation for first possible factors influencing consumer’s adoption of platforms in the 

context of home and living. However, when comparing the outcomes of various studies 

examining different technologies, it becomes clear that adoption determinants can vary 

across different technologies and contexts. While UTAUT2 provides a valuable 

foundation for studying the adoption of digital platforms in the realm of home and living, 

its sufficiency in this novel context remains uncertain. Moreover, further investigation is 

required to clarify the determinants’ role in shaping consumer adoption of such digital 

platforms and understanding consumers’ reasoning behind why certain factors are 

considered important or not.  

To achieve this, an exploratory qualitative research approach is necessary, allowing 

consumers to express their perspectives freely without being constrained by the rigid 

frameworks of a quantitative method. Additionally, scholars have pointed out that 

UTAUT2 is predominantly tested through quantitative studies and have called for its 

application in qualitative research designs (Apfel & Herbes, 2021, p. 2; Taneja & Bharti, 

2022, p. 235). The UTAUT2 adoption determinants mentioned above were used as a 

foundation for the subsequent research (excluding Habit for the reasons detailed in 

chapter 3.2.7), providing a thorough understanding of these factors in the context of 

potential digital platforms in the realm of home and living. However, the model did not 

restrict the scope of examination and compromise the identification of novel findings. 

On the contrary, while the study enables a comprehensive understanding of the 

adoption determinants, it primarily sought to identify potential new influencing factors 

beyond the scope of UTAUT2. 

5. Empirical Study 

This chapter provides a comprehensive description of the empirical study conducted. 

First, it details the research design, encompassing the selected methodology, 

sampling, data collection instrument, data collection process and the method of 

analysis. Moreover, it elaborates on the ensured quality criteria, followed by a detailed 
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description of the study’s findings. Subsequently, the next chapter is dedicated to the 

comprehensive discussion of these results. 

 Research Design 

The following section provides a comprehensive overview of the holistic research 

design employed in this study. 

 Method 

Given the outlined research context and question, an exploratory, qualitative study was 

needed to gain comprehensive understanding of the factors relevant for consumer 

adoption of platforms in the realm of home and living. Unlike quantitative research 

methods, which focus on quantifying data and statistical analysis, qualitative 

approaches enable researchers to gain deeper, more nuanced insights and thorough 

understanding of new and complex phenomena (Döring & Bortz, 2016, p. 184; Malhotra 

et al., 2017, pp. 150, 154; Trochim et al., 2016, p. 59). Qualitative methods are 

particularly well-suited for grasping the complexity and depth of consumer behavior, 

attitudes and motives (Malhotra et al., 2017, pp. 147, 150). Quantitative techniques are 

often devoted to test hypotheses while working with structured procedures and 

standardized data collection instruments (Döring & Bortz, 2016, p. 184). Applying such 

a rigid quantitative approach in this study could have hindered the identification of novel 

adoption determinants, that arose from the unique characteristics of digital platforms 

and the context of home and living. In contrast, qualitative research seeks to explore 

open questions in detail and discover unexpected insights, adapts flexibly to the subject 

matter and aims towards theory building (Döring & Bortz, 2016, p. 184; Malhotra et al., 

2017, p. 203; Trochim et al., 2016, p. 58), which served the purpose of this study.  

Among qualitative methods, focus group discussions are a popular technique in various 

types of social research as they are particularly effective for generating a wide range 

of ideas on a subject (Trochim et al., 2016, p. 64). By fostering lively group discussions, 

they aim to stimulate participants to an extent that deeply ingrained attitudes and 

motivations are brought to the surface (Berekoven et al., 2009, p. 91; Salcher, 2011, p. 
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44). In a relaxed and informal setting, respondents are encouraged to share their 

behavior and thoughts using their own words and reasoning. The method’s value lies 

in the unexpected insights that arise when individuals are allowed to describe their 

genuine feelings (Malhotra et al., 2017, pp. 202–203). The subject matter of this study 

did not involve sensitive topics that may have led participants to withhold truthful 

responses due to embarrassment or concerns about privacy—circumstances where 

individual interviews are typically more appropriate (Malhotra et al., 2017, p. 153; 

Trochim et al., 2016, p. 65). Therefore, the aforementioned advantages of the focus 

group discussion format were fully exploited, making it well-suited for this study. For 

analyzing the data collected, qualitative content analysis (Mayring, 2022) was 

employed, which is further detailed in chapter 5.1.5. 

For this research on consumer adoption intention of home and living platforms in 

regions where they are not yet common, a challenge arose from participants’ likely 

unfamiliarity with such potential service. To address this challenge, participants were 

asked to imagine a hypothetical digital platform that allows managing all needs related 

to home and living in one place. Specifically, at the beginning of the focus group 

discussions, before the first question was posed, participants were presented with the 

following scenario: 

• Imagine a central digital platform that allows users to manage all aspects of 

home and living (e.g., internet, electricity, insurance, heating, smart home) in a 

single place. 

• From initial setup to ongoing management and provider changes, everything 

could be conveniently handled through this platform. 

• Users would have access to multiple providers across the different service 

areas. 

• The platform would be operated using a smartphone or tablet, for example, 

through an app. 

Against this background, the chosen method enabled further key advantages. The 

interactive nature of focus group discussions facilitated the addressing of participants’ 

clarification questions in real-time, ensuring that everyone fully grasped the concept. 
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Additionally, the format allowed for reminders throughout the discussion that the 

example platform was merely illustrative, encouraging participants to consider the 

broader potential of digital platforms in home and living, rather than limiting their 

responses to the specific example provided. 

 Sample 

This research employed purposive sampling, a type of nonprobability sampling where 

participants are not randomly selected (Trochim et al., 2016, p. 86). In this approach, 

participants are selected based on specific criteria that align with the purpose of the 

study (Hennink, 2014, p. 41; Morgan & Scannell, 1997, p. 56; Trochim et al., 2016, p. 

87). Results from studies that use nonprobability, purposive sampling are not 

generalizable to larger populations, a common objective in quantitative research. 

However, the aim of focus group discussions is to gain rich, detailed insights from 

carefully selected participants who can provide the most relevant contributions to the 

research question rather than striving for broad statistical representation (Morgan & 

Scannell, 1997, p. 56). In this study’s context, for instance, a selection criterion was 

participants’ familiarity with the demands of independent home and living. For example, 

individuals who resided with their parents were excluded from the sample, as they were 

less likely to have managed utilities and related responsibilities and thus might not have 

provided insights as relevant as those who lived independently and actively engaged 

in these activities. 

Sampling for heterogeneity across the groups helps to gather a diverse range of views 

and ideas. Trochim et al. (2016, p. 90) explain that one can “[…] imagine that there is 

a ‘population’ of all possible ideas relevant to some topic and […] to get all of the ideas, 

and especially the unusual ones, you have to include a broad and diverse range of 

participants”. To gather a diverse range of perspectives and ideas, participants were 

selected to ensure variation across age groups, genders, and levels of consumer 

innovativeness. The latter was chosen, as the hypothetical platform would be novel to 

consumers in Europe, and opinions on it could therefore differ based on individual 

innovativeness. During the screening process (see appendix chapter 1), individuals 

provided demographic information and answered questions designed to assess their 
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level of innovativeness, using items adapted from Le Louarn (1997) and translated by 

Ramkumar & Woo (2018). 

Within each group, efforts were made to foster compatibility among participants. 

Homogeneity on specific characteristics within the individual groups can be beneficial 

in two ways. First, it facilitates more productive discussions, as the time needed for 

participants explaining themselves to understand one another is reduced (Doppler & 

Steffen, 2019, p. 18; Morgan & Scannell, 1997, p. 59). Second, when participants 

perceive similarities among themselves, they tend to feel more comfortable and 

develop the trust necessary to share personal views openly (Hennink, 2014, pp. 38–

39; Morgan & Scannell, 1997, pp. 58–59). Common segmentation criteria often include 

demographic characteristics such as age, gender, or education level (Döring & Bortz, 

2016, p. 303; Morgan & Scannell, 1997, p. 60) but also extend to behavioral 

characteristics. The primary consideration should be whether a specific criterion leads 

to meaningful differences in how participants experience or respond to the topic under 

discussion and whether it might affect the flow of group interaction (Morgan & Scannell, 

1997, pp. 60–61). In the context of this study participants’ age served as relevant 

segmentation criteria. In Venkatesh et al.’s (2012, pp. 28–29) UTAUT2 model, this 

demographic characteristic moderates the relationships between the adoption 

determinants and behavioral intention or use behavior. Further studies indicate that 

older individuals are less likely to use technology than younger adults (Czaja et al., 

2006, p. 333; Lythreatis et al., 2022, p. 4; Neves & Mead, 2021, p. 888) and thus may 

relate to and approach new technology differently. To maintain communication flow and 

create a surrounding in which participants quickly build trust amongst them to freely 

express their view further segmenting the groups based on age thus stands to reason. 

Table 2 provides an overview of the selection criteria for the sample. 
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Criteria Group 1 & 2 Group 3 & 4 

Living situation 
participants live independently and thus actively manage 

responsibilities and tasks associated with residential living 

Age 18 - 40 years > 40 years  

Gender female, male female, male 

Innovativeness high (innovator), low (laggard) high (innovator), low (laggard) 

Table 2: Sample selection criteria 

 Interview Guide 

As qualitative research focuses on theory building rather than theory testing and seeks 

to provide as comprehensive an understanding of social phenomena as possible, it 

considers standardized and fully structured tools for data collection as obstacles to 

discovery (Döring & Bortz, 2016, p. 67). In this study, a semi-structured interview guide 

was utilized, consisting of a catalog of open-ended questions (see appendix chapter 

2). While it is structured enough to keep the group focused on the topic at hand and 

thus maintain higher productivity, it allows the moderator to adapt to the dynamics of 

the conversation and encourage new discoveries (Berekoven et al., 2009, p. 91; Döring 

& Bortz, 2016, p. 357; Morgan & Scannell, 1997, pp. 46–47). For example, questions 

can be brought forward, skipped, or expanded upon in order to maintain the flow of the 

interview (Döring & Bortz, 2016, p. 357). To ensure the clarity of the questions and the 

logical structure of the discussions, the guide was pilot tested with two individuals who 

met the sampling criteria and was slightly revised (Hennink, 2014, p. 68; Malhotra et 

al., 2017, p. 190). 

Consistent with this theoretical openness, the research process should ideally adapt to 

the emerging process of discovery. Therefore, in this study, each focus group 

discussion was analyzed before the next one began, allowing for the integration of 

insights gained from previous discussions (Döring & Bortz, 2016, p. 357). 
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 Data Collection 

The recruitment of participants started on January 13, 2025, and ended January 24, 

2025. Focus group discussions were conducted from January 16, 2025, to January 28, 

2025. Since the study was carried out in Austria, the discussions were held in German 

to ensure participants could express themselves in the language they feel most 

comfortable with (Hennink, 2014, p. 68; Malhotra et al., 2017, p. 187). Indeed, it is 

recommended that the questions be adapted to the everyday language of the 

participants in each group (Kühn & Koschel, 2018, p. 117). The moderation of the focus 

group discussions was carried out by the researcher, who was well-acquainted with the 

subject matter. This familiarity allowed for the full benefit of a semi-structured guide, 

enabling spontaneous and slight adjustments to the conversation in response to the 

dynamics and themes that emerged. However, at no point was the moderator an active 

part in the discussion (Misoch, 2019, p. 44). All participants signed a data privacy 

agreement, providing consent for a pseudonymized use of their statements. 

The focus group discussions were conducted online for several reasons. First, the 

research question did not require the evaluation of non-verbal cues, such as facial 

expressions or gestures, nor did it involve creative sensory experience that would have 

made in-person discussions essential. Second, online engagement offered a faster and 

more cost-effective option for participants who were geographically dispersed 

(Berekoven et al., 2009, p. 91; Malhotra et al., 2017, p. 203). Additionally, consumers 

with busy schedules might have been less interested in participating in offline group 

discussions, as these would have required more time and effort for travel (Malhotra et 

al., 2017, p. 200). 

The optimal number of focus group discussions to conduct is not generally determined 

and depends on various factors, such as whether the discussions are used as a 

preliminary study or as a standalone method, the complexity of the topic, or the number 

of sub-target groups involved (Kühn & Koschel, 2018, p. 75; Morgan & Scannell, 1997, 

p. 77). Morgan and Scannell (1997, p. 78) suggest that most projects addressing 

moderately complex topics require three to five focus group discussions. Kühn and 

Koschel (2018, p. 75) recommend conducing at least two to gather a baseline level of 
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insights. To approach theoretical saturation, four focus group discussions were carried 

out in this study. Each group consisted of six to eight participants, which is in line with 

scholarly suggestions (Berekoven et al., 2009, p. 91; Morgan & Scannell, 1997, p. 71). 

While the duration of focus group discussions generally depends on the specific study, 

they are typically expected to last between one to two hours (Hennink, 2014, p. 116; 

Kühn & Koschel, 2018, p. 89), which was adhered to in this research with each lasting 

approximately 1.5 hours. 

 Data Analysis 

The focus group discussions were recorded and then transcribed using the AI tool 

TurboScribe. Subsequently, the transcripts were reviewed for accuracy and corrected 

accordingly. The data was analyzed employing qualitative content analysis by Philipp 

Mayring (2022). In this regard, the steps of summarizing content analysis were followed 

(2022, pp. 68–71): 

1. Definition of analysis units 

2. Paraphrasing of content-bearing text passages 

3. Determination of the intended level of abstraction and generalization of phrases 

at this level 

4. First reduction through selection and elimination of paraphrases that are 

equivale in meaning 

5. Second reduction through clustering, construction, and integration of 

paraphrases at the defined level of abstraction 

6. Compilation of the formed statements into a category system 

7. Validation of the summarized category system against the original material 

The overall aim was to reduce the material while preserving the essential contents by 

creating a corpus through abstraction that is a condensed representation of the original 

material (Mayring, 2022, p. 66). Since the categories emerged not only through data-

driven inductive coding but several theory-based deductive categories were 

predefined, the method of analysis applied is a mixed form, specifically the “parallel 

form” (Mayring, 2022, p. 107). In this study, the initial deductive categories were derived 
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from the adoption determinants outlined in the UTAUT2 model. While the model served 

as a valuable framework for exploring and gaining a deeper understanding of the 

factors influencing consumer intention to adopt digital platforms related to home and 

living, it did not constrain the scope of exploration or compromise the identification of 

novel findings. Thus, new categories and subcategories emerged during the evaluation 

process, both within individual transcripts and across multiple transcripts (Doppler & 

Steffen, 2019, p. 62). 

The final category system resulting from the analysis process can be found in the 

appendix. In the interest of transparency, it includes the paraphrased text passages 

that remained after the first reduction. These passages were grouped into 

subcategories (inductively) and then either assigned to the deductive categories or 

further consolidated into newly created inductive categories. This process, as intended 

by Mayring’s (2022) aforementioned steps, progressively elevated the material to 

higher levels of abstraction until the final category system was established. The system 

was developed through the analysis of the individual transcripts between each focus 

group discussion and was ultimately validated by applying it to the entire material once 

the final focus group discussion was conducted. The software MAXQDA, which is 

among the most widely used programs (Mayring, 2022, p. 111), was utilized as a tool 

for the analyzing process. 

 Quality Criteria 

While central quality criteria for quantitative research are well-established and 

thoroughly defined, the appropriate criteria for qualitative research continue to be a 

subject of debate. Despite these ongoing discussions, there is broad agreement on the 

importance of assessing the quality of the research design, process, and outcomes in 

qualitative studies (Cena et al., 2024, pp. 1, 14; Döring & Bortz, 2016, p. 106). One 

approach of researchers is to draw on the quality criteria of quantitative research and 

adapt them to qualitative methods. On the other hand, the inherent logic of qualitative 

research has led to the development of its own quality criteria, resulting in a proliferation 

of qualitative criterion catalogs. While unified core quality criteria in qualitative research 

have not yet emerged, the criteria proposed by Lincoln and Guba (1985) are the most 
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widely recognized among scholars (Döring & Bortz, 2016, p. 107; Megheirkouni & Moir, 

2023, p. 848). Originally introduced by Guba (1981, p. 83), the four quality criteria 

Credibility, Transferability, Dependability and Confirmability determine the overall 

trustworthiness of findings in qualitative research. 

In contrast to quantitative research, which often isolates specific variables to facilitate 

measurement, qualitative research adopts a more holistic approach which—to capture 

the comprehensiveness of the subject under study—deals with the full complexity of 

interactions. As a result, understanding and interpreting the inquiry’s results can be 

challenging and at times unclear (Guba, 1981, p. 84). Against this background Guba 

(1981) proposes procedures leading to Credibility of findings in qualitative research, 

which have been further specified (e.g. Megheirkouni and Moir (2023)) and synthetized 

into assessment-tools (e.g. Schou et al. (2012) ) by scholars. To enhance Credibility in 

this study, the research purpose, methodology, and rationale for the chosen method 

are clearly outlined. Additionally, the entire research process, including the procedures 

for data collection, are thoroughly described (Schou et al., 2012, p. 2090). Throughout 

the study, the researcher actively engaged with other professionals to address their 

concerns and questions (i.e., peer debriefing) as recommended by Guba (1981, p. 85). 

In qualitative research, generalizations are avoided as practically all social and 

behavioral phenomena are tied to their specific contexts. Instead of seeking widely 

applicable results, the focus lies in developing deep, contextual understanding through 

detailed descriptions and interpretations of specific situations. In this regard, Guba 

(1981, p. 86) suggests Transferability as a quality criterion. To enhance Transferability 

in this study, purposeful sampling was employed with the aim of maximizing the scope 

of information discovered. Furthermore, both the study participants and the research 

context are described comprehensively, thereby providing other researchers and 

practitioners with sufficient information to evaluate the potential Transferability of 

findings to different contexts (Guba, 1981, p. 86; Schou et al., 2012, p. 2090; Trochim 

et al., 2016, p. 72). 

In qualitative studies researchers address the stability of their findings while 

acknowledging that in instrumental changes inconsistencies arise from either observing 
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different aspects of reality or shifts in understanding as the researcher (who serves as 

the instrument) develops new insights (Guba, 1981, pp. 83, 86). Against this 

background, the quality criterion Dependability highlights the importance of considering 

the dynamic nature of the context in which a study takes place (Trochim et al., 2016, p. 

72). To ensure high Dependability in this study, findings are clearly described and 

interpretations supported transparently through participant quotations. Additionally, the 

process of analysis is described thoroughly (Guba, 1981, p. 87; Schou et al., 2012, p. 

2090). 

In contrast to quantitative research, where investigators are typically isolated from study 

participants, qualitative research often involves direct researcher-participant interaction 

that may lead to biased results through the researcher’s predispositions. In qualitative 

research objectivity is consciously sacrificed to achieve greater adaptability and 

leverage intuitive understanding (Guba, 1981, pp. 79, 81–82). Thus, Guba (1981, p. 

87) proposes shifting from researcher objectivity to data Confirmability. In this study, as 

suggested by Schou et al. (2012, p. 2090), Confirmability is enhanced by explicitly 

referencing all theories that inform the analysis and by clarifying which themes emerged 

inductively from the data and which were set prior by theoretical frameworks. 

Furthermore, the researcher’s role and level of involvement in the process is 

transparently described (Schou et al., 2012, p. 2090). 

 Results 

This section presents the study findings in detail. While UTAUT2 provided a valuable 

theoretical foundation, the research identified four additional adoption determinants: 

Perceived Risk, Trust in Platform Provider, Value-Related Motivation and Status Quo 

Bias. Table 3 offers an overview of all adoption determinants and their associated 

observed aspects, with shaded areas highlighting inductively derived findings. To 

ensure the quality criterion of Transferability (see chapter 5.2), the section begins with 

an outline of the participants’ final profile. Subsequently, insights gained in regard to 

the UTAUT2 determinants are detailed, followed by a description of the additional 

influencing factors. 
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Adoption Determinant Observed Aspects 

Performance Expectancy Complexity Reduction 

 Cost Savings 

 Time Savings 

 Knowledge Gain 

Effort Expectancy Ease of Structure, Design, Platform Setup,  

Language, Accessibility 

Facilitating Conditions Personal Readiness for Initial Engagement 

 Leverage of Favorable Facilitating Conditions 

Social Influence Informative Social Influence 

Hedonic Motivation Enjoyment from Information, Efficiency, Cost Savings, 

Aesthetic Appeal, Customization, Gamification 

Price Value Willingness to Pay for Cost Savings, Time Savings, and 

Complexity Reduction 

Skepticism Toward Free Model 

Trust in Platform Provider Platform Ability 

 Platform Integrity 

 Platform Benevolence 

Perceived Risk Perceived Risk of Data Breach or Misuse 

 Perceived Risk of Dependency 

Value-Related Motivation Value Congruity 

Perceived Sustainability Impact 

Status Quo Bias Perceived Switching Costs 

Inertia 

Rational Decision-Making 

Table 3: Adoption determinants and associated observed aspects 

Shaded areas highlighting inductively derived findings. 

 Profile of Participants 

Before addressing the main questions, participants were asked to briefly describe their 

living situation. This initial warm-up served to ease their entry into the discussion while 

also enabling them to familiarize themselves with one another, thereby fostering a 

comfortable and trusting atmosphere. Additionally, the existing participant profile 

resulting from the screening process (see appendix chapter 1) were expanded by these 
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demographic characteristics. Table 4 presents the comprehensive profile of the 27 

participants. 

 Gender Age Profession Innovativeness Accommodation 

P1 m 25 Electrical Engineering Student Laggard Apartment 
P2 m 26 Flight Dispatcher Laggard Apartment 
P3 m 32 Medical Doctor Innovator Apartment 
P4 f 25 Marketing Student Laggard Apartment 
P5 f 23 Medical Student Innovator Apartment 
P6 f 31 Medical Doctor Innovator House 
P7 f 25 Medical Student Innovator Apartment 
P8 m 27 Business Administration Student Innovator Apartment 
P9 f 24 Radio Editor Laggard Apartment 
P10 m 35 Representative of a Chamber Laggard House 
P11 f 24 Physical Therapist Innovator Apartment 
P12 m 31 Software Developer Innovator Apartment 
P13 f 52 Architect Innovator Apartment 
P14 f 50 Designer Laggard House 
P15 m 55 Medical Doctor Innovator House 
P16 f 55 Quality Control Deputy Innovator House 
P17 f 48 Consultant Innovator House 
P18 m 46 Software Technician Innovator House 
P19 f 55 Mediator Laggard Apartment 
P20 m 48 Physical Education Teacher Laggard House 
P21 f 77 Retiree Innovator House 
P22 f 52 Real Estate Agent Laggard House 
P23 f 58 Nurse Innovator Apartment 

P24 f 56 
Administrative Assistant, Funeral 
Speaker 

Innovator Apartment 

P25 f 53 Life Coach Innovator House 
P26 f 51 Entrepreneur Innovator Apartment 
P27 m 64 Retiree Innovator House 

Table 4: Profile of participants 

 UTAUT2 Adoption Determinants 

As aforementioned, six of the seven UTAUT2 determinants served as the foundational 

framework for discussing the potential digital platform in the realm of home and living. 

In the context of the potential platform, several aspects emerged that deepen the 

understanding of these determinants, both in relation to platform economy in general 

and to a digital platform in the home and living sector specifically. The following section 
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elaborates on these findings, underpinned by participant quotations, which have been 

translated from German into English. 

Performance Expectancy 

A substantial portion of the conversations within the focus group discussions can be 

linked to the adoption determinant Performance Expectancy, which appears to 

influence the use intention of the platform among participants. Once respondents were 

introduced to the fictitious platform in the realm of home and living, many recognized 

that meeting the full range of needs within this domain requires a lot of effort and thus 

holds potential for improvement. The concept of Performance Expectancy was found 

to consist of four broad themes: Complexity Reduction, Cost Savings, Time Savings 

and Knowledge Gain. 

Complexity Reduction refers to platform aspects that would lead to a reduction of 

cognitive effort. Many participants explain that they currently use multiple services, 

requiring them to manage tasks across various accounts and highlight the appeal of a 

more centralized experience. 

“ […]  right now I have to log in separately for electricity, I have to log in separately 

for water, I need a different password for the insurance. So, it might be 

convenient to have all of this on one platform.” (P14, female, 50 y.o., p. 53) 

Moreover, several respondents appear to struggle with maintaining an overview of 

which services they actually need, the information they have about the ones they 

currently employ, their consumption and associated costs. They express a desire for 

greater transparency in these aspects, which they expect a platform in this domain to 

provide. 

“[…] what do I need if I have a house? Or an apartment? […] Do I have 

insurance? Is that optional? What is even available? What do I need to pay 

attention to when I rent an apartment? […] What do I need to register?” (P15, 

male, 55 y.o., p. 54) 
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“[…] these are all your ongoing contracts, and it immediately shows, okay, you 

pay this monthly, it gets deducted from this account, and here is the contract end 

date […]” (P2, male, 26 y.o., p. 7) 

Some participants pointed out that, given the various demands, certain tasks may be 

forgotten without reminders. Providing timely notifications when actions are required or 

before contracts are automatically renewed could enhance a sense of control and 

transparency, thereby further reducing mental load in the realm of home and living. 

“Or maybe a reminder just before the contract is automatically renewed.” (P6, 

female, 31 y.o., p. 7) 

Additional themes emerged regarding the platform’s potential to reduce cognitive effort 

in consumers’ daily life. Some participants emphasized the importance of shared 

access, particularly when living in multi-person households, as it would allow for 

collaborative organization and insight. Personalization was another aspect, as 

respondents expressed a preference for deciding which areas they would like to 

manage through the platform. Additionally, some saw potential in automation for 

handling certain tasks, such as automatically signing contracts. However, while some 

viewed this as a convenience, others expressed concerns about the risks associated 

with automation. 

Cost Savings refers to the financial benefits consumers anticipate from using such a 

platform. Participants strongly associated the hypothetical platform with the potential to 

reduce costs compared to their current methods. Key themes included the desire for 

proactive identification of potential savings and recommendations for alternative 

options, extending to continuous automatic comparison and switching between service 

providers to ensure that the most cost-efficient option is always selected. 

“It would be incredibly practical if, for example, you have an electricity contract, 

and you decide on the best offer, then it gets listed through this platform. It would 

be practical if the platform continuously lists newer offers and if there’s 

something better, it could suggest it to me, for example, and say, this is now 
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cheaper or for some reason more practical, and wouldn’t you like to switch?” 

(P3, male, 32 y.o., p. 7) 

One participant mentioned the financial advantage stemming from the price 

transparency offered by the platform, which creates competition among providers and 

ultimately leads to a general reduction in prices. 

“Of course, that’s great because then there is competition among the providers 

for A, B, C, and that lowers the price, which benefits me.” (P12, male, 31 y.o., p. 

29) 

Time savings emerged as another major dimension within the theme of Performance 

Expectancy and describes the reduction of time required to manage various demands 

in the domain of home and living. In this regard, participants expressed frustration with 

the complexity and time-consuming nature of current approaches and see the potential 

for a digital platform to streamline these activities. Service bundling and the ability to 

set up utilities or switch providers more quickly were seen as key benefits that would 

motivate the adoption of such a platform.  

“[…] when you can potentially save time because you’re currently getting 

information or doing things from different platforms or sources in this context.” 

(P8, male, 27 y.o., p. 27) 

“[…] and as long as this platform would somehow save me time, I would most 

likely use it.” (P6, female, 31 y.o., p. 2) 

Lastly, Knowledge Gain refers to acquiring information that individuals would not have 

had access to, or would have obtained only with considerable effort, without the 

platform. Several participants expressed a desire for greater transparency regarding 

their consumption behavior and costs, both in specific domains and overall. They 

emphasized the value of personal statistics and trend analysis, which provide current 

and past data, as well as comparative analyses that enable users to assess their 

consumption and costs in relation to similar households. 
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“[…] how my consumption is going, and maybe compare it with a reference 

value, like the average consumption of a four-person family […]” (P26, female, 

51 y.o., p. 86) 

“Maybe also some kind of statistics or just a history of different things, so that if 

I want to check, okay, the electricity bill seems high this year, I’d like to see what 

I paid for electricity five years ago, just as an example, without having to search 

through emails from five years ago, but rather having easy access to it. Or also, 

how many kilowatt-hours did I use for heating in the winter before? Things like 

that, I’d find really interesting.” (P8, male, 27 y.o., p. 32) 

Effort Expectancy 

Effort Expectancy emerged as a critical determinant of platform adoption among the 

participants. Many respondents indicated that if a platform is not easy to use or requires 

even minimal effort, they tend to stop using it instantly. Their typical approach involves 

briefly testing the platform, and within the first few minutes, they decide whether to 

adopt it or abandon it. 

“Well, I’m someone who likes to just check things out, and if it’s really simple and 

very easy to use, it’s something I’ll just click through. But if I open a platform or 

download an app and then realize within the first two or three clicks that it’s too 

complicated, the likelihood is very high that I won’t use it anymore, and that’s 

actually happened to me very, very often.” (P1, male, 25 y.o., p. 9) 

“For me, that would be a hurdle if it wasn’t very, very simple. I really have to say 

that. I really like using internet banking, but if it hadn’t been so easy to use, I 

think I’d still be doing it with a payment slip. But because it’s so simple, I enjoy 

using it a lot.” (P25, female, 53 y.o., p.89) 

When asked about the specific factors that contribute to a platform’s ease of use, 

participants’ responses lead to the identification of five key aspects which are detailed 

below. These elements collectively shape their perception of usability and influence 

their adoption decisions. 
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• Ease of Structure: An intuitive menu structure and navigation with minimal clicks 

required were considered essential for ensuring ease of use. 

• Ease of Design: Visual design elements such as icons, color schemes, and a 

clean, uncluttered interface were highlighted as important factors in helping 

users orient themselves within platforms. 

• Ease of Platform Setup: The onboarding process was identified as a critical 

phase in the adoption decision. Participants stressed the importance of minimal 

data entry required upfront and a quick, guided setup that gradually introduces 

platform functions to prevent users from feeling overwhelmed. 

“[…] if the entry barrier would not be so high, meaning not having to 

provide too much data upfront.” (P20, male, 48 y.o., p. 98) 

• Ease of Language: One participant specifically mentioned the importance of 

information being delivered in simple language, allowing for quick and effortless 

comprehension. 

• Ease of Accessibility: Some participants emphasized that mobile accessibility 

was essential for ensuring ease of use. 

Facilitating conditions 

It became apparent that the vast majority of participants have access to a favorable set 

of facilitating conditions that would allow them to try out the platform. They either 

possess sufficient digital literacy themselves or have access to individuals who could 

support them.  

“[…] I would just try it out and then see if I like it, how I like it, or if I can handle it 

well.” (P7, female, 25 y.o., p. 35) 

“Yes, I also think that a large platform is a bit complicated for me at my age, 

because with all these technical things, I always need my grandsons, who are 

very kind and help me. […] I always need someone to set things up for me. I can 
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handle it once it’s set up, but I can’t set it up myself.” (P21, female, 77 y.o., p. 

84) 

Due to these factors, participants expressed a general willingness to explore the 

platform with ease. However, it became apparent that participants leveraged these 

favorable facilitating conditions in different ways, particularly in how they would respond 

to challenges during usage. This observation led to the establishment of two 

dimensions within the theme of Facilitating Conditions. First, Personal Readiness for 

Initial Engagement, which refers to the individual’s willingness to explore the platform 

due to favorable or unfavorable facilitating conditions, and second, Leverage of 

Favorable Facilitating Conditions, which describes how users react when faced with 

difficulties during usage. 

As aforementioned, Personal Readiness for Initial Engagement was generally high 

across all focus group discussions. Only one participant expressed a general distrust 

in digital services and devices due to past negative experiences, explaining that she is 

reluctant to embrace further digitalization in her life. 

Leverage of Facilitating Conditions was found to involve four distinct responses to 

challenges. Some participants indicated that they would utilize support services offered 

by the platform provider, such as a service hotline, chatbot, FAQs, or by emailing 

customer support. Others rely on the assistance of family members or friends who 

possess technical expertise, while some participants depend on their own skills to 

overcome challenges by trying until they succeed or searching for solutions online. 

However, a notable portion of participants stated that they would immediately abandon 

the platform if they encountered difficulties, such as investing cognitive effort to learn 

how to use the platform or facing functionality issues. This suggests that while access 

to a set of favorable facilitating conditions may encourage initial engagement with the 

platform, it does not necessarily support long-term usage. 

“As soon as there are a few more problems, or even just small problems at the 

beginning, I think I would quickly give up. So, it really has to be designed very 

straightforward and very, very simple.” (P11, female, 24 y.o., p. 39) 
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“[…] if it doesn’t work pretty much right away, then I’ll quit, I’ll give up, and that’s 

the end of it.” (P15, male, 55 y.o., p. 67) 

Social Influence 

The adoption determinant Social Influence, as defined by Venkatesh et al. (2012, 

2003), did not appear to play a role for participants in terms of normative social 

influence. No participant stated that their adoption decision is influenced by how others 

would perceive them as a result of using the platform (e.g. enhancing their social image 

or fitting in). 

“[…] I wouldn’t just blindly follow it and say, everyone is doing it, so I have to do 

it too. I personally don’t do that at all.” (P12, male, 31 y.o., p. 41) 

However, informational social influence seems to be a relevant factor in participants’ 

intention to use the platform. Many indicated that recommendations from individuals 

they consider important or knowledgeable (e.g. landlord) would influence their decision 

to adopt the platform. Participants explained that they often rely on the experiences of 

trusted others, particularly when these individuals share similar needs and are 

perceived to have comparable technical skills. This influence occurs through both 

solicited and unsolicited recommendations, as well as observational learning. 

“[…] if I know, okay, everyone is doing it, that would influence me less than if it 

were recommended to me by my best friend or my mom or someone like that. I 

really think that’s what convinces me the most, and where I would have much 

less hesitation.” (P11, female, 24 y.o., p. 41) 

“Because, of course, you can’t always infer from your own technical capabilities 

to those of others. For example, if my uncle from the middle of nowhere says 

that he can’t get the app to work, that’s not really relevant to me. But if friends of 

mine were to tell me, ‘Hey, this works really well, I was able to switch my 

contracts super easily,’ then I would definitely take a look at it.” (P2, male, 26 

y.o., p. 17) 
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Additionally, one participant explicitly mentioned being influenced by public opinion. 

“But I think with something like this, I would also pay attention to public opinion. 

So, who in the public eye has what opinion about it? Not so much my circle of 

friends, acquaintances, or family, but I think that would also influence my opinion 

formation.” (P26, female, 51 y.o., p. 98) 

Hedonic Motivation 

Hedonic Motivation was found to be a key adoption determinant among several 

participants. Some stated that enjoyment would be very important to them when using 

such a platform, while others considered it a pleasant addition but not a necessity. A 

few participants, particularly in the over-forty age groups, mentioned that they could not 

imagine deriving joy from a digital service. 

“For me, that would be important, because I think that ensures that the app 

stands out a little.” (P2, male, 26 y.o., p. 18) 

“I’m not really an IT freak. I don’t need that at all. It will never be fun for me.” 

(P15, male, 55 y.o., p. 74) 

When asked what would make the use of the platform enjoyable for participants, their 

responses could be categorized into seven sources of joy. Enjoyment from Information 

refers to the pleasure derived from receiving useful or engaging knowledge. Enjoyment 

from Efficiency illustrates the satisfaction users would experience when previously 

exhausting tasks are completed quickly and effortlessly through the platform. 

Enjoyment from Cost Savings reflects the joy associated with saving money or 

perceiving financial benefits. Enjoyment from Aesthetic Appeal is linked to the 

enjoyment derived from visually pleasing interfaces. Enjoyment from Customization 

captures the pleasure users get from personalizing their experiences such as being 

able to choose the background color or Icons. Finally, Enjoyment from Gamification 

refers to the enjoyment created by the integration of game-like elements, such as 

rewards, challenges, and playful interactions.  
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“[…] I saved myself a lot of hassle, I don’t have to talk to anyone on the phone, 

I don’t have to print and sign 10 sheets of paper, send them back somewhere, 

instead I do everything in the app, it takes 5 minutes and that’s it. That’s 

euphoria, pure euphoria for me.” (P12, male, 31 y.o., p. 44) 

“[…] the platform has to be visually pleasing to my eye. If something bothers me, 

like a color or a font that’s aggressive or doesn’t appeal to me, then I’m out, even 

if it’s practical. I’m a very visual person, and I simply prefer looking at beautiful 

things that are appealing, where the design fits, then my interest is much 

greater.” (P22, female, 52 y.o., p. 100) 

Price Value 

Among participants, Price Value further emerged as a crucial adoption determinant for 

the potential platform in the realm of home and living. Time Savings, Cost Savings and 

Complexity Reduction stood out as the most prominently perceived benefits, with many 

participants indicating that some form of monetary cost would be a reasonable trade-

off for these advantages. 

“I’m at an age now where I say, well, please, I’d rather pay for it and not have so much 

hassle and work.” (P24, female, 56 y.o., p. 101) 

Two participants explained that, as retirees, they did not perceive time savings as a 

valuable exchange for money. Since they have plenty of free time, they viewed financial 

benefits as the primary source of good value for money. 

“Well, if it were possible to get, for instance, a cheaper electricity provider, and 

through that, save money elsewhere, then I could pay for the platform. But if I’m 

only paying for the work savings, as a retiree, then I don’t need it.” (P21, female, 

77 y.o., p. 102) 

Many participants, among both the under-forty and over-forty age groups, explained 

that they would even be skeptical if the platform were entirely free of charge. They 

would question how the platform generates revenue and worry that the company might 
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compensate by selling sensitive user data, prioritizing commissions and paid 

partnerships over providing the best deals or displaying a large amount of advertising. 

“If you use it for free, then the person who created the platform has to get money 

from somewhere else. And that’s either he sells the data or constantly shows 

ads.” (P13, female, 52 y.o., p. 77) 

“[…] if this platform is free, then I would start worrying even more, because then 

you have to think about how they make their money. And then it might be some 

partner companies. Then the question arises for me again, how large is the 

selection, or do they only choose from their three partner companies, where 

again the question comes up, is it really the best deal, or is it just the best deal 

from the partner company, and it’s a case of ‘scratch my back, I’ll scratch yours’ 

[…]” (P1, male, 25 y.o., p. 25) 

However, if immediate payment is required without offering participants the opportunity 

to verify the platform’s value through a trial period, they expressed concerns about 

committing. 

“Well, I think if the app would cost something from the start, I would be very 

hesitant. So, for me, it would be better if there were trial months, a trial 

subscription […]” (P11, female, 24 y.o., p. 46) 

Participants’ conversations indicated that most would expect the platform to operate on 

a subscription model. A notable adoption barrier that emerged in this regard was the 

inability to cancel the subscription monthly. 

 Additional Adoption Determinants 

Four additional influencing factors were identified beyond the scope of UTAUT2, 

namely Trust in Platform Provider, Perceived Risk, Value-Related Motivation and 

Status Quo Bias. These emerged not only from participants’ statements about adoption 

drivers but also from their expressed concerns and hesitations. 
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Trust in Platform Provider 

Trust in Platform Provider emerged as an additional adoption determinant outside of 

the UTAUT2 scope. This theme was found to encompass three dimensions that shape 

participants’ trust in the platform provider, aligning with how scholars mainly interpret 

trust (Wang et al., 2016, p. 36). First, Perceived Platform Ability refers to how users 

evaluate whether the platform has the necessary skill, knowledge, and competence to 

adhere to their commitments. Factors such as functionality issues, questionable 

marketing practices and the inability to find contact information were mentioned to raise 

doubts about the platform’s credibility. 

“So, for example, if some influencer is promoting it, that would seem very 

unprofessional to me. Or if it’s a cheap-looking website […] where someone just 

typed in a few words and hopes people will sign up. […] If it’s not clear to me 

how I can contact the company in case of any problems. […] If the imprint shows 

that the company is based somewhere abroad, that would also give me a 

headache […]” (P2, male, 26 y.o., p. 22) 

“It just has to run smoothly. As soon as it crashes, even if it’s just once, you 

immediately get a bad feeling about it.” (P8, male, 27 y.o., p. 37) 

Second, Perceived Platform Integrity captures consumers’ perception of the platform 

provider’s commitment to moral and ethical principles, ensuring transparency, honesty, 

and reliability, following legal regulations and its own values. Lastly, Perceived Platform 

Benevolence refers to the consumer’s belief that the provider not only pursues their 

own interests but prioritizes those of their users. Against this backdrop, participants 

mentioned restrictive contracts, data handling practices, hidden costs, and limited 

access to providers. 

“[…] you also have to be careful not to fall into the trap […] of ‘you scratch my 

back, I’ll scratch yours’, where cronyism plays a strong role, and it’s like, ‘Okay, 

we get along well with this network provider, so they get priority over something 

else’.” (P2, male, 26 y.o., p. 3)  
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“And I would find it very reassuring if, for example, it said something like, ‘Okay, 

your data is stored only in Austria, and it is stored under the highest security 

measures.” (P2, male, 26 y.o., p. 9) 

Perceived Risk 

The majority of participants expressed a generally positive attitude toward adopting a 

potential digital platform that could ease their life in the home and living domain. 

However, many also expressed concerns that would need to be addressed before they 

fully committed to using the platform. This led to the identification of Perceived Risk as 

an additional adoption determinant, entailing participants’ Perceived Risk of Data 

Breach or Misuse, as well as their Perceived Risk of Dependency. 

Perceived Risk of Data Breach or Misuse refers to the extent to which consumers 

believe their data protection is at risk. Participants expressed concerns regarding third-

party data sharing, data breaches, and algorithmic manipulation leading to higher 

prices or influenced purchases. Several participants explained that they would wish for 

quality checks and transparency in data handling. Thus, a lack of trust in the provider’s 

ability to handle data with care and in an ethically responsible manner could hinder 

adoption.  

“[…] concerns about AI, perhaps running in the background, collecting data that 

it doesn’t share but analyzes internally, and then possibly considering making 

the whole thing more personalized or even salary-dependent.” (P6, female, 31 

y.o., p. 24) 

“For me as a customer, there must be complete transparency about how often 

the system is checked. Data protection is a given, but it must also be ensured 

that it cannot be leaked, and that the company contributes to ensuring that what 

I pay is also invested in security.” (P23, female, 58 y.o., p. 103) 

Perceived Risk of Dependency refers to the extent to which users feel at risk of 

becoming too reliant on the platform. Participants expressed worries that if the platform 
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became unavailable, such as due to technical issues, they would be unable to meet 

important needs in their homes. 

“Well, I would find it annoying if you became so dependent on the app that you 

can only manage things that are really important for home and daily life through 

the app, because if it stops working completely and you’ve already tried the 

support and everything […]” (P5, female, 23 y.o., p. 15) 

Moreover, in the realm of Perceived Risk of Dependency, several participants worry 

about a potential power imbalance resulting from a possible monopolistic position of 

such a platform. 

“[…] if the app is the one for everything, then it’s a monopoly, and if bad people 

are in charge, they could do whatever they want or demand extremely high profit 

margins, or just the usual monopolistic behavior.” (P12, male, 31 y.o., p. 51) 

Value-Related Motivation 

An additional adoption determinant, outside the scope of UTAUT2, was identified 

through participants’ discussions in the over-forty age groups that were related to the 

values represented by a platform provider. Value-Related Motivation arose from 

various perspectives and can be categorized into Value Congruity and Perceived 

Sustainability Impact. 

Value Congruity emerged as several participants explained that they consider how well 

the platform’s values align with their own beliefs and preferences. 

“I think what would be very important to me is who is behind it. If it doesn’t align 

with my values. And there are simply many companies and people who are very 

present right now, where I would say, I stand by it and say, no, even if it would 

be more convenient, I wouldn’t support this company or this operator because 

their values just don’t fit with my worldview.” (P23, female, 58 y.o., p. 105)  

“I would ask myself, who is the operator of this platform and according to what 

criteria do they choose the companies that are featured on it? For example, 
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sustainability and ecology are very important to me. And if I have an electricity 

provider, I would want to know if such providers are included.” (P26, female, 51 

y.o., p. 83) 

Perceived Sustainability Impact refers to users’ perceptions of whether using a digital 

platform contributes positively or negatively to sustainability. This theme is based on 

two different angles. First, Facilitation of Sustainable Consumption refers to the 

platform’s potential to support more sustainable behaviours within home and living. 

Second, Platform Sustainability captures considerations about whether the platform 

itself contributes positively or negatively to global sustainability (e.g., increased energy 

consumption, unfair labour conditions). This suggests that consumers actively consider 

whether adopting such a platform contributes to or hinders global sustainability efforts. 

“It’s again about digitalization, where there’s electricity consumption, where 

there are clicks behind it. […] And, for me, that’s a factor against it“ (P17, female, 

48 y.o., p. 79) 

“So, if it becomes a bit more prominent and sustainability and ecology can be 

more in focus, then it would definitely make a lot of sense to me.” (P23, female, 

58 y.o., p. 83) 

Status Quo Bias 

Some participants expressed concerns that using the potential platform would require 

a significant initial investment in time or upfront payment, which they found 

discouraging (Perceived Switching Costs). Others mentioned that they would have little 

motivation to change their current habits if these were working well or did not cause 

any major inconvenience (Inertia). One participant noted that they were satisfied with 

their current system, seeing little value in switching to the potential platform (Rational 

Decision-Making). Together, these observations suggests that Status Quo Bias 

(proposed by Samuelson and Zeckhauser’s (1988), further detailed in chapter 6) plays 

a role in the decision to adopt a new system.  
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“What would definitely be a barrier for me is if I already have a functioning 

system, in the sense that everything is running smoothly at the moment and I 

don’t have to worry about anything. It’s set up the way it is, and I think I would 

have a hurdle to switch to something else.” (P11, female, 24 y.o., p. 30) 

“Well, I don’t even have individual apps or anything like that, because I’m actually 

satisfied with my life as it is or with my living situation.” (P17, female, 48 y.o., p. 

79) 

These participants explained that they would find it much easier to start using the 

platform if they were already going through a change, such as moving to a new home 

or switching service providers. 

“[…] now I have everything, it’s running, and that’s why I don’t touch anything. 

But if I have a reason to change something, then that might be a reason to join 

such a platform, whether it’s because of a move, or because I change or end a 

contract.” (P10, male, 35 y.o., p. 30) 

6. Discussion 

This study explored consumer adoption determinants in the context of a potential digital 

platform within the realm of home and living. While UTAUT2 provided a comprehensive 

foundation for the research and its determinants proved relevant among participants of 

the focus group discussions, the study revealed important supplementary perspectives 

and findings. Four additional adoption determinants beyond the scope of UTAUT2 were 

identified, along with further key insights. 

Trust in Platform Provider emerged as an additional adoption determinant among 

participants. In their systematic literature review on the antecedents of trust in the 

sharing economy, Huurne et al. (2017, p. 493) found “trusting beliefs towards the 

platform” as one such factor. Wang et al. (2016, pp. 34, 39) conducted a meta-analysis 

to investigate the effects of trust and risk on individual behavior toward social media 

platforms and found that both significantly influence adoption. In their review of relevant 

literature, the authors observed that trust was mainly interpreted as consisting of three 
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dimensions: integrity, ability, and benevolence (Wang et al., 2016, pp. 36, 41–42). 

These findings align with the insights gained from the focus group discussions in this 

study. Factors such as functionality issues, questionable marketing practices or the 

inability to find contact information were raised as possible concerns, suggesting that 

participants assess whether they perceive the platform’s Ability to fulfill its 

commitments. Furthermore, doubts regarding restrictive contracts, data handling 

practices, hidden costs, and limited access to service providers were expressed to 

hinder usage of such a platform, indicating that Integrity and Benevolence plays a role 

in their adoption decision. 

Many participants expressed concerns about data protection, particularly the risks of 

data misuse or leaks. If they were not confident that data was managed with the highest 

security precautions, they would be hesitant to use the platform. Additionally, becoming 

too dependent on such a platform worried several respondents. Not only due to 

potential unavailability caused by functionality issues but also because of the platform’s 

possible monopolistic position, which could provide it with control over aspects such as 

pricing. This suggests that consumers are well aware of winner-take-all dynamics (see 

chapter 2.2.) within the digital platform economy and appear to actively consider the 

associated downsides in their adoption decision. Together, the above-mentioned 

concerns contribute to the overall Perceived Risk participants associated with adopting 

the potential platform. Several studies also identified Perceived Risk as a direct or 

indirect adoption determinant of technology such as smart home technology (Hubert et 

al., 2019, p. 1073; Li et al., 2021, p. 1), FinTech platforms (Xia et al., 2023, p. 648), 

mobile banking services (Luo et al., 2010, p. 231) or metaverse educational platforms 

(Al-Adwan et al., 2023, p. 15381). However, the definition of this determinant varies 

across studies, with different dimensions being emphasized depending on the research 

context.  

In their meta-analytic evaluation of UTAUT2, Tamilmani et al. (2021) identified trust and 

perceived risk as two of the five most common extensions of the model, aligning with 

the insights gained from the focus group discussions. A notable aspect of these two 

determinants is that their dimensions seem interconnected, particularly when 
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considering participants’ statements about personal data. Additionally, some scholars 

establish a relationship between trust and risk within their models (Li et al., 2021, p. 10; 

Wang et al., 2016, p. 37; Xia et al., 2023, p. 658). This suggests that Trust in Platform 

Provider may not only directly influence the behavioral intention to adopt platforms in 

the realm of home and living but also indirectly through Perceived Risk. User data does 

play a crucial role in the digital platform economy (see chapters 2.2 and 2.3), serving 

as a source of value for platform providers to refine their services and, in turn, enhance 

consumer value (Trabucchi et al., 2022, p. 897). Against this background, building 

consumer trust upfront in the handling of their data—ensuring it is managed responsibly 

and in a protected space—may be vital to reducing perceived risk and consequently 

increasing adoption. 

Value-Related Motivation was identified as an additional adoption determinant, arising 

from two perspectives, namely Value Congruity and Perceived Sustainability Impact. 

Some participants noted that they would consider whether they personally align with 

the values of the platform provider. This can be traced back to the principle of congruity 

proposed by Osgood and Tannenbaum (1955). Scholars have interpreted it in a 

consumer-company context, explaining that individuals prefer objects (e.g. brands, 

products) that align with their own beliefs, as it reduces cognitive dissonance (Islam et 

al., 2018, p. 25; Lee & Jeong, 2014, p. 50). Value Congruity between consumers and 

firms was found to foster outcomes that companies seek, such as consumer 

engagement (Islam et al., 2018, p. 33), brand trust (Lee & Jeong, 2014, p. 55) and 

positive word-of-mouth intentions (You & Hon, 2021, p. 172). Against this background 

and supported by the insights from this study, Value Congruity seems to influence the 

adoption of digital platforms in the realm of home and living.  

Sustainability emerged as another area of interest, not covered by the UTAUT2 model. 

With the rise of digital media, consumers have become more aware of sustainability 

issues, leading to a greater desire to contribute to a more sustainable world (Gansser 

& Reich, 2021, p. 3). In the context of smart home technologies, sustainability has been 

explored in adoption research. Strzelecki et al. (2024, pp. 10, 15) found that 

“Sustainable Development” (i.e., the smart home contributing to a more 
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environmentally friendly lifestyle) positively influences both Performance Expectancy 

and Habit. Gansser and Reich (2021, p. 9) investigated AI-powered products across 

three segments of life, including households, and found that “Sustainability” positively 

influenced Performance Expectancy. Throughout the focus group discussions 

conducted in this study, sustainability emerged from two perspectives: the platform’s 

potential to support more sustainable behaviors within the home and living sector, and 

the possibility that its use could have negative consequences for global sustainability 

(e.g., increased energy consumption due to further digitalization or price transparency 

leading to unfair labor conditions). Together, these perspectives can be represented by 

Perceived Sustainability Impact, a component of the adoption determinant Value-

related Motivation. Based on the aforementioned studies, Value-Related Motivation 

may not only directly influence consumer adoption of the potential platform, but also 

indirectly through Performance Expectancy (driven by a strong Perceived Sustainability 

Impact) and Trust in Platform Provider (driven by high Value Congruity). 

Lastly, the study’s insights further suggest that for some participants Status Quo Bias 

plays a vital role in their intention to use the potential platform. Samuelson and 

Zeckhauser (1988, p. 7) explain that, in decision-making, individuals often have a 

tendency to stick with their status quo, in other words, doing nothing or maintaining a 

previous or current choice. The authors outlined three explanatory dimensions of status 

quo bias, namely rational decision-making, cognitive misperceptions, and 

psychological commitment. Each dimension is further elaborated with factors 

contributing to status quo bias, such as loss aversion, switching costs, uncertainty costs 

and control (Samuelson & Zeckhauser, 1988, pp. 33–41). With regard to technology 

adoption, several scholars have integrated aspects of status quo bias theory into their 

models and identified these elements as influencing factors (Balakrishnan et al., 2024, 

p. 932; Gong et al., 2020, p. 319; Hsieh, 2015, p. 512). In the context of digital platform 

adoption in the realm of home and living, some participants expressed hesitation due 

to their smoothly running systems that they are reluctant to disrupt or their perception 

that there is no need for change, as well as concerns about the perceived effort required 

for transition. The participants’ statements seem to resonate with Samuelson and 

Zeckhauser’s (1988) explanatory dimensions. Alternatively, for future quantitative 
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testing of the assumptions surrounding Status Quo Bias, related concepts such as 

Innovation Resistance (Ram, 1987) or Consumer Inertia (Polites & Karahanna, 2012, 

p. 24) can be drawn upon. 

With regard to the UTAUT2 determinants, Performance Expectancy played an 

important role, as participants frequently discussed the potential benefits they could 

derive from such a platform, which can be summarized as Time Savings, Cost Savings, 

Complexity Reduction, and Knowledge Gain. This aligns with the fundamental value 

proposition of digital platforms detailed in chapter 2.3. However, Effort Expectancy and 

Hedonic Motivation emerged as equally, if not more, influential adoption determinants 

among participants. Many participants stated that if, within the first few interactions, 

they found, for instance, the platform’s design unappealing, its usability unintuitive, or 

the setup process too complex, they would abandon it immediately—regardless of how 

useful the platform might be. Hence, to address the chicken-and-egg problem (see 

chapter 2.2) and initiate network effects, the platform provider must exercise caution in 

ensuring that the process of joining the platform is as user-friendly as possible. Even 

minimal effort required to explore the platform could result in users abandoning it before 

they have the opportunity to experience its utilitarian value. Findings from research on 

smart home technology adoption resonate with concepts of Hedonic Motivation 

(Gøthesen et al., 2023, p. 16; Strzelecki et al., 2024, p. 15) and Effort Expectancy 

(Basarir-Ozel et al., 2023, p. 11; Nikou, 2019, p. 9) as being important influencing 

factors. However, revisiting Tamilmani et al.’s (2019) analysis of Hedonic Motivation as 

a determinant in UTAUT2 studies (see chapter 3.2.5) reveals contrasting perspectives. 

The authors argue that Hedonic Motivation may not be an appropriate construct for 

analyzing technologies that consumers primarily use for utilitarian purposes. When 

evaluating the potential platform within the home and living sector, it can be argued that 

fulfilling basic needs in this domain predominantly holds utilitarian value. Nevertheless, 

in this study, as outlined above, it appears that Hedonic Motivation would play a crucial 

role in participants’ adoption intention. Elements that bring joy were highlighted as 

making a meaningful difference between providers, with one participant even providing 

the example that they find their banking app enjoyable due to the ability to personalize 

the interface—a domain in which Tamilmani et al. (2019, p. 229) found that Hedonic 
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Motivation was often excluded in studies. This suggests that even if a technology is 

initially associated with utilitarian value, Hedonic Motivation should not be dismissed as 

a determinant of adoption. A possible explanation why consumers are reluctant to 

invest effort when using a platform and tend to adopt them only when they are easy to 

use as well as, in some way, enjoyable might be that many existing platforms already 

provide these qualities, leading users to accept nothing less.  

Precisely due to the fact that platforms often fundamentally exist to simplify consumers’ 

life, a lack of usability could diminish their perceived usefulness. In this study, several 

statements from participants explicitly indicated that when, for example, time savings 

were seen as most valuable, a complex setup process would take away this benefit. 

This suggests that Effort Expectancy might not only influence the intention to use a 

platform but also Performance Expectancy. Similarly, Nikou (2019, p. 8) found that the 

perceived ease of use of smart home technology affects not only the intention to use 

directly but also indirectly through perceived usefulness. 

Another notable insight into an UTAUT2 adoption determinant in the context of this 

study was that while access to favorable Facilitating Conditions may encourage initial 

engagement with the platform, it does not necessarily support long-term adoption. 

Many participants noted they would abandon the platform immediately if they 

encountered difficulties, such as needing cognitive effort to learn how to use it or facing 

functionality issues, thereby diminishing the relevance of favorable Facilitating 

Conditions for long-term use. However, it is important to note that since the focus group 

discussions were conducted online, participants must have had at least some level of 

favorable Facilitating Conditions—otherwise, they would not have been able to take 

part. This implies a potential selection bias, as individuals without access to a suitable 

device, digital literacy, or other Facilitating Conditions may have been excluded from 

the study, limiting the diversity of perspectives captured (Lobe et al., 2022, pp. 3–4).  

In the context of this study, Social Influence did not appear to play a role in terms of 

normative social influence. That is to say, participants are not influenced by how others 

would view them based on their use of the platform. However, social desirability bias 

may have affected respondents as the format of focus group discussions involve face-
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to-face interactions. Participants may have been reluctant to openly acknowledge 

normative social influence, to align with social expectations or a positive self-image 

(Larson, 2019, p. 534). Thus, investigation of this factor in a more anonymous setting, 

such as a survey, would further provide valuable insights. 

With regards to Price Value, participants expressed willingness to pay if the use of the 

platform would lead to Complexity Reduction, Cost Saving or Time Saving, suggesting 

that a high desire for simplicity in the domain of home and living is present. This 

underscores the potential for a platform firm to address this need. Notably, many 

participants immediately associated the platform with a subscription-based model, 

reflecting how deeply the subscription economy (Kerschbaumer et al., 2024) is 

embedded in consumers’ minds. While upfront payment was perceived as a barrier to 

adoption, most participants indicated they would be willing to pay after a trial period. 

Many were even skeptical of a free model, questioning the platform’s revenue 

generation and worrying that it would compensate by selling user data. This further 

emphasizes the role of Perceived Risk and Trust in Platform Provider. Moreover, the 

insights on the Price Value adoption determinant are particularly interesting in light of 

the sensitivity surrounding pricing strategies in platform markets, as discussed in 

chapter 3.3.6. In the context of platforms within the domain of home and living, it 

appears that the consumer side may not necessarily need to be subsidized. 

Above all, UTAUT2 provided a comprehensive foundation for the empirical study. 

However, the exploratory nature of the qualitative research approach not only facilitated 

a thorough understanding of traditional adoption determinants within the context of 

platforms in the realm of home and living but also led to the identification of additional 

influencing factors that may play an important role in the digital platform economy. 

Table 5 summarizes these findings, highlighting the emergent adoption determinants. 
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Table 5: Summarized findings 

7. Conclusion 

Digital platforms have become profoundly embedded into consumers’ daily lives. 

However, certain sectors—while already addressed in Asia—remain largely untapped 

in Europe. One such sector is home and living, despite its potential to simplify and 

integrate various interconnected demands into a single digital platform. Studies 

focusing on such potential platforms remain scarce, providing no insights into whether 

and under which circumstances consumers would be willing to adopt. Against this 

 Adoption Determinant Observed Aspects 

U
TA

U
T2

 

Performance Expectancy Complexity Reduction 

 Cost Savings 

 Time Savings 

 Knowledge Gain 

Effort Expectancy Ease of Structure, Design, Platform Setup,  

Language, Accessibility 

Facilitating Conditions Personal Readiness for Initial Engagement 

 Leverage of Favorable Facilitating Conditions 

Social Influence Informative Social Influence 

Hedonic Motivation Enjoyment from Information, Efficiency, Cost Savings, 

Aesthetic Appeal, Customization, Gamification 

Price Value Willingness to Pay for Cost Savings, Time Savings, and 

Complexity Reduction 

Skepticism Toward Free Model 

Ex
p

lo
ra

ti
ve

 F
in

d
in

gs
 

Trust in Platform Provider Platform Ability 

 Platform Integrity 

 Platform Benevolence 

Perceived Risk Perceived Risk of Data Breach or Misuse 

 Perceived Risk of Dependency 

Value-Related Motivation Value Congruity 

Perceived Sustainability Impact 

Status Quo Bias Perceived Switching Costs 

Inertia 

Rational Decision-Making 
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backdrop, this study aimed to address this research gap by investigating the following 

research question: 

Which factors are relevant for consumer adoption of digital platforms in the 

realm of home and living? 

Given the unexplored research context, a qualitative approach was chosen to avoid 

restricting the identification of novel adoption determinants. Four focus group 

discussions were conducted, involving 27 participants aged between 23 and 77 years, 

including both males and females with varying levels of consumer innovativeness. 

Participants were introduced to a potential digital platform that centralizes the 

management of various housing and living-related needs (e.g., electricity, internet, 

smart home technology). While the UTAUT2 framework provided a valuable foundation 

for the semi-structured interview guide and initial deductive codes, it did not constrain 

the identification of additional influencing factors.  

By means of the empirical study, the aim of the present research has been achieved. 

The findings suggest that factors beyond the scope of UTAUT2 may influence 

consumer adoption of digital platforms in the home and living sector. Perceived Risk, 

Trust in the Platform Provider, Value-Related Motivation and Status Quo Bias were 

identified as additional determinants among participants. Moreover, valuable insights 

into UTAUT2 determinants were gathered, contributing to a more comprehensive 

understanding of these factors in the research context. For instance, while Performance 

Expectancy played a crucial role, Effort Expectancy and Hedonic Motivation emerged 

as equally, if not more, influential among participants. Favorable Facilitating Conditions 

appeared essential for initial engagement with the platform but not necessarily for long-

term use. While normative Social Influence did not appear to affect participants, 

informational social influence (e.g., recommendations from trusted others) was found 

to encourage adoption. Lastly, discussions surrounding Price Value revealed that 

participants were not necessarily reluctant to pay. In fact, many expressed skepticism 

toward free models due to concerns such as data protection, further highlighting the 

Perceived Risk participants consider in their adoption decisions. 
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The study presents several opportunities for future research. First, a quantitative study 

may be pursued to validate the identified additional adoption determinants. In this 

regard, the interplay between specific factors—Perceived Risk and Trust in Platform 

Provider, Effort Expectancy and Performance Expectancy, as well as Value Congruity 

and Trust in Platform Provider— requires further investigation. Additionally, in light of 

the increasing platformization across various sectors and rising consumer concerns 

about issues regarding data protection and the monopolistic behavior of large-scale 

platforms, Perceived Risk and Trust in Platform Provider could be explored in greater 

detail to understand the components that shape them. Finally, when such a platform 

enters the European market, a longitudinal study could provide valuable insights into 

the factors influencing long-term Use Behavior, including the previously unexplored 

determinant Habit. 

This study is not without limitations. As aforementioned, focus group discussions carry 

the risk of social desirability bias, where participants may have adjusted their responses 

based on group dynamics or perceived expectations. This further emphasizes the need 

for a future quantitative, anonymous survey to reduce this effect. In addition, a potential 

selection bias may have arisen from the fact that the focus group discussions were held 

online, which automatically excluded individuals lacking favorable Facilitating 

Conditions, as detailed in the previous chapter. While efforts were made to ensure a 

heterogeneous sample, the study included only two participants over the age of 60 and 

had a higher proportion of women than men. Additionally, most participants had a high 

level of digital literacy. Future studies could aim for greater diversity by including more 

male or elderly individuals as well as participants with lower digital literacy to capture a 

broader range of perspectives. Lastly, it is important to point out the constraints 

associated with qualitative research, such as the non-generalizability of the findings 

due to the sample size.  

From a theoretical standpoint, this study contributes to scholarly research in several 

ways. First, it enhances the understanding of UTAUT2 adoption determinants by 

applying the framework in a qualitative approach, offering new insights into how the 

model may be adapted in the platform economy. Specifically, in addition to the 
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traditional determinants, factors such as Trust in Platform Provider, Perceived Risk, 

Value-Related Motivation, and Status Quo Bias may play a role in consumer adoption. 

Second, the study adds to the ever-growing body of research on digital platforms, 

acknowledging their relevance across various sectors. Lastly, the findings serve as a 

foundational step for further exploration into the largely untapped potential of leveraging 

digital platforms to simplify and reduce consumer effort within the domain of home and 

living. 

For firms aiming to address the complexities of the home and living sector and establish 

a digital platform in areas where they are not yet common, this study holds profound 

managerial implications. First, users primarily expect to save time, costs, and cognitive 

effort, along with gaining knowledge (e.g., personal statistics) in this domain. If these 

expectations are met, participants would not be reluctant to pay for such a platform, 

especially when they are assured of the platform provider’s integrity and benevolence 

and are free from intrusive advertising. Second, in a world where large-scale, data-

driven platforms dominate the market by offering convenience across various sectors 

of daily life, consumers expect the highest level of comfort and user experience. 

However, consumers are cautious about which company to trust. This suggests that 

platform firms must not only focus on providing simplicity and enjoyment, but also 

proactively address consumers’ perceived risks in the digital platform economy. Third, 

consumers seem to base their adoption decision not only on traditional determinants 

but consider value-related aspects such as sustainability impact and value congruity. It 

follows that acknowledging broader societal responsibility and clearly communicating 

values to consumers is becoming increasingly important for digital platform firms. 
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 Screening Questionnaire 

The screening questionnaire was created using Google Forms and distributed to 

potential participants. 

 



 

A-3 

 

 

 

 

 

 

 

 

 

 



 

A-4 

 

  



 

A-5 

 Interview Guide 

The introduction to the group discussion, along with the semi-structured interview 

guide, is provided below. 

Liebe Teilnehmerinnen und Teilnehmer, ich freue mich sehr, Sie zu dieser 

Gruppendiskussion begrüßen zu dürfen. Das Thema unseres Gesprächs sind digitale 

Plattformen im Bereich Wohnen und Leben – hierzu darf ich Ihnen gleich noch mehr 

erzählen. 

Zunächst möchte ich Ihnen jedoch einen kurzen Überblick über den Ablauf geben. Die 

Diskussion wird etwa 1 ½ bis 2 Stunden dauern. Dabei möchte ich betonen, dass es 

kein „richtig“ oder „falsch“ gibt. Es geht es einzig und allein darum, Ihre ehrlichen 

Meinungen und Gedanken zu sammeln. Um das zu ermöglichen, lade ich Sie herzlich 

dazu ein, offen und frei auszusprechen, was Ihnen zu den jeweiligen Fragen in den 

Sinn kommt. Es ist auch ausdrücklich erwünscht, dass Sie auf Beiträge anderer 

Teilnehmer direkt eingehen und sich aktiv miteinander austauschen, um eine möglichst 

lebendige Gesprächsatmosphäre zu schaffen. 

Bevor wir starten, möchte ich Sie darauf hinweisen, dass alle gesammelten Daten 

anonymisiert und vertraulich behandelt werden. Es wird keine Möglichkeit geben, 

Rückschlüsse auf Ihre Person zu ziehen. Wie bereits in der Einverständniserklärung 

beschrieben wird das Gespräch aufgezeichnet und ich werde die Aufnahme nun gleich 

starten. Damit alle Beiträge gut erfasst werden, bitte ich Sie, Ihr Mikrofon nur dann 

einzuschalten, wenn Sie gerade sprechen. Nutzen Sie auch gerne die 

Handzeichenfunktion. Gibt es an dieser Stelle offene Fragen Ihrerseits? 

Falls nicht, beginnen wir mit einer kurzen Vorstellungsrunde. Bitte stellen Sie sich kurz 

vor und erzählen Sie ein wenig über Ihre Wohnsituation (Wohnung/Haus, Stadt/Land 

etc.).  

Als nächstes möchte ich Sie genauer in das heutige Thema einführen. Wie bereits 

erwähnt geht es um mögliche digitale Plattformen im Bereich Wohnen und Leben. 

Stellen Sie sich hierfür bitte folgendes Szenario vor: 
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• Es gäbe eine zentrale digitale Plattform, über die Sie sämtliche Bedürfnisse im 

Bereich Wohnen und Leben (wie etwa Internet, Strom, Versicherungen, 

Heizung, Smart Home usw.) gebündelt decken könnten. 

• Von der ersten Organisation über die laufende Nutzung bis hin zu einem 

Anbieterwechsel ließe sich alles bequem über diese Plattform verwalten. 

• Dabei hätten Sie Zugang zu verschiedenen Anbietern in den jeweiligen 

Bereichen. 

• Die Bedienung der Plattform erfolgt über das Handy oder Tablet beispielsweise 

durch eine App. 

Im Rahmen unserer Gruppendiskussion geht es nun um eine solche potenzielle 

Plattform. Bitte beachten Sie, dass meine Beschreibung lediglich ein Beispiel ist. 

Lassen Sie sich in Ihren Antworten nicht einschränken und denken Sie gerne auch über 

die genannten Aspekte hinaus. 

Topic Aspect Question Follow-Up Question 

D
ri

ve
rs

 

G
e

n
e

ra
l 

D
ri

ve
rs

 

Wenn es so eine Plattform gäbe, was würde 
Sie motivieren sie auszuprobieren? 

Wie könnte Ihr Weg 
aussehen – von „Ich kenne 
diese Plattform nicht“ bis hin 
zur regelmäßigen Nutzung? 

P
er

fo
rm

an
ce

 E
xp

e
ct

an
cy

 

Würden Sie eine derartige Plattform als 
nützlich empfinden? 

Wenn ja, warum? Wenn nein, 
warum nicht? 

Welche Bedürfnisse im Bereich Wohnen sollte 
eine solche Plattform erleichtern, damit sie für 
Sie relevant wäre und Sie sie nutzen würden? 

 

Welche Funktionen sollte eine solche 
Plattform bieten, damit Sie sie nutzen 
würden?  

Was müsste die Plattform 
Ihrer Meinung nach können, 
um für Sie nützlich zu sein? 

Eff
o

rt
 E

xp
ec

ta
n

cy
 

Empfinden Sie es als störend oder 
herausfordernd, sich mit den Funktionen einer 
solchen Plattform vertraut zu machen? Bitte 
begründen Sie Ihre Antwort. 

Wie hoch schätzen Sie den 
Aufwand ein, eine solche 
Plattform zu erlernen und zu 
bedienen? Begründen Sie 
bitte Ihre Antwort. 

Wie müsste die Plattform aufgebaut bzw. 
gestaltet sein, damit Sie den Umgang mit der 
Plattform als einfach und benutzerfreundlich 
empfinden? 

 

Was würde Ihnen das 
Erlernen der Funktionen 
erschweren?  

Denken Sie dabei gerne auch 
an andere Plattformen, bei 
denen Sie möglicherweise 
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Schwierigkeiten hatten, sich 
zurechtzufinden. 

Fa
ci

lit
ati

n
g 

C
o

n
d

iti
o

n
s 

Wie sicher fühlen Sie sich generell im Umgang 
mit digitalen Services? Begründen Sie bitte 
Ihre Antwort. 

Würde Sie die Unsicherheit 
davon abhalten die Plattform 
zu nutzen? Wenn nein, 
warum nicht?  

Wenn Sie bei der Nutzung der Plattform auf 
Schwierigkeiten stoßen, wie gehen Sie vor, um 
das Problem zu lösen bzw. wer hilft Ihnen 
dabei? 

 

Was müsste die Plattform bieten, damit Sie 
sich in der Nutzung oder bei Problemen 
unterstützt fühlen? 

 

So
ci

al
 In

fl
u

e
n

ce
 

Denken Sie an Ihre Freunde, Kollegen, 
Bekannten und Familie – inwiefern 
beeinflussen deren Meinungen oder 
Nutzungsverhalten Ihre Entscheidung, welche 
Plattformen Sie nutzen? 

 

Glauben Sie, dass Ihr soziales Umfeld Einfluss 
darauf haben könnte, ob Sie speziell eine 
Plattform im Bereich Wohnen, wie zuvor 
besprochen, nutzen würden?  

Wenn ja, warum? Wenn nein, 
warum nicht? 

H
ed

o
n

ic
 

M
o

ti
va

ti
o

n
 

Wie wichtig wäre es für Sie, dass die Plattform 
nicht nur Funktionen bietet, die das Wohnen 
erleichtern, sondern die Nutzung auch Spaß 
macht? Bitte begründen Sie Ihre Antwort. 

 

Welche Aspekte oder Funktionen würden 
Ihnen besonders Freude bereiten? 

 

P
ri

ce
 V

al
u

e 

Wären Sie generell bereit, für eine solche 
Plattform zu bezahlen?  

Wenn ja, warum? Wenn nein, 
warum nicht? 

Wann wären Sie bereit, für die Plattform zu 
bezahlen? 

Was würde für Sie in diesem 
Zusammenhang ein gutes 
Preis-Leistungsverhältnis 
ausmachen? 

A
d

d
iti

o
n

al
 

D
ri

ve
rs

 

Welche weiteren Nutzungsgründe fallen Ihnen 
ein, ergänzend zu denen die wir bereits 
besprochen haben? 

 

B
ar

ri
er

s 

G
en

er
al

 

B
ar

ri
er

s 

Was könnte sie generell davon abhalten eine 
solche Plattform zu nutzen? 
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C
o

n
ce

rn
s 

Welche weiteren Bedenken hätten Sie 
hinsichtlich der Nutzung einer solchen 
Plattform? 

 

 

Wir sind nun am Ende dieser Gruppendiskussion angekommen. Ich darf mich noch 

einmal sehr herzlich für Ihre Teilnahme bedanken. 

 Category System 

The final category system resulting from the analysis of the data can be found below. 

In the interest of transparency, it includes the paraphrased text passages that remained 

after the first reduction. 

*deductive categories 

Paraphrased Text Passages  Subcategories Categories 

Transparency of consumption 
and costs 

Complexity Reduction 

Performance Expectancy* 

Overview of services 
Centralized point of access 
Reminders and anomaly 
detection 
Shared Access 
Personalization 

Automated price comparison 
Cost Savings 

Competition among providers 

Centralized point of access 
Time Savings Faster processes within each 

service 

Automated offer comparison 

Knowledge Gain 
Consumption and cost 
benchmarking 
Information about providers 

Search feature 
Ease of Structure 

Effort Expectancy* 

Intuitive menu navigation 
Minimal clicks required 

Uncluttered interface (clean 
design) 

Ease of Design 
Icons instead of text 
Colors instead of monochrome 
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Minimal data input required 
during setup 

Ease of Platform Setup 
Minimal time required for setup 
Step-by-step assistance (with 
the possibility to skipped) 
Single sign on 

Simple wording Ease of Language 

Mobile accessibility Ease of Accessibility 

Explore platform without 
hesitation 

Personal Readiness for 
Initial Engagement 

Facilitating Conditions* 

Skeptical towards digitalization 

Reliance on own digital literacy 
Leverage of Favorable 
Facilitating Conditions 

Reliance on others 
Reliance on platform support 
services 

Abandonment due to 
complexity Abandonment despite 

Favorable Facilitating 
Conditions 
 

Abandonment due to 
functionality issues 
Abandonment due to non-
aesthetic interface 

Observation of family members 
or friends 

Informative Social 
Influence 

Social Influence* 

Solicited or unsolicited 
recommendations from friends 
or family members 
Recommendations from 
landlord or service providers 
Public opinion 

Enjoyment from Information 

Hedonically driven 

Hedonic Motivation* 

Enjoyment from Efficiency 
Enjoyment from Cost Savings 
Enjoyment from Aesthetic 
Appeal 
Enjoyment from Customization 
Enjoyment from Gamification 

Functionality is more important, 
but elements that bring joy 
would not be a disturbance 

Utilitarian-focused 
Functionality is more important, 
but elements that bring joy 
would be a nice to have 

Cannot imagine finding joy in a 
digital tool 

Utilitarian driven 
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Finds enjoyment elsewhere 

Would pay for a cost advantage 

General Willingness to Pay 

Price Value* 

Would pay for it if time could be 
saved 
Would pay for it because 
complexity is reduced 

Expect a subscription model 

Price-Related Expectations 

No upfront payment – trial 
period must be offered 
Short notice cancellation 
options 
High data protection standards 
No advertisements 

If it were free, data would be 
sold 

Skepticism Toward Free 
Model 

If it were free, there would be 
nepotism 
If it were free, the quality would 
be poor 
If it were free, ads would be 
constantly shown 
If it were free, it would not act 
in my best interest 
It must be clear how the 
platform generates revenue 

Functional issues create a 
negative feeling 

Perceived Platform Ability 

Trust in Platform Provider 

Dubious advertising practices 
raise doubts about credibility 
Contact details of the platform 
provider must be accessible 
Data protection standards are 
transparently communicated 

Consideration of the platform 
firm’s location 

Perceived Platform 
Integrity 

Consideration of data reaching 
third parties 
Consideration of potential 
nepotism 

Consideration of potential 
hidden costs Perceived Platform 

Benevolence Consideration of cancellation 
periods 
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Consideration about whether 
access to all providers is granted 

Concerns about third-party data 
sharing 

Perceived Risk of Data 
Breach or Misuse 

Perceived Risk 

Concerns about data breaches 
Concerns about algorithmic 
manipulation 

Functional issues could prevent 
access to important data 

Perceived Risk of 
Dependency 

If the platform is sold, access to 
important data may be lost 
If the platform becomes a 
monopoly, it could control 
pricing 
If the smartphone is not 
available important tasks can no 
longer be managed 

Investigation of who the 
platform provider is 

Value Congruity 

Value-Related Motivation 

Evaluation if the platform’s 
values align with personal 
worldview 
Evaluation if the platform seems 
too profit-oriented 
Evaluation if the platform 
considers sustainability 

The platform should facilitate 
sustainable consumption 

Perceived Sustainability 
Impact 

Digitalization of another domain 
leads to higher electricity 
consumption  
Price transparency leads to 
unfair labor conditions 

Satisfaction with the current 
system 

Rational Decision-Making 

Status Quo Bias 

The current system works fine, 
and disrupting it is undesirable 

Inertia Requires a reason to change 
(e.g., moving, switching 
providers) 

Upfront time investment is a 
barrier Switching Costs 
Upfront payment is a barrier 

 


